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Introduction
Platelets are small anucleated blood particles derived from 

megakaryocytes in the bone marrow, and they play a key role in the 
control of bleeding and hemostasis.1‒10 Platelets need to be activated 
to perform their functions, a process mediated by many physiological 
activators. The best known and characterized activators at the level 
of signaling transduction mechanisms are: thrombin, arachidonic acid 
and its derivatives (thromboxane A2), collagen, and the adenosine 
nucleotides (ADP and ATP).2‒8 Activated platelets undergo vast 
cytoskeleton, organelles, and secretory protein reorganization 
accompanied by many posttranslational modifications (PTM).5‒14 Due 
to their anucleate nature, platelets have limited protein synthesis, and 
therefore it is expected that most of the changes encountered at the level 
of the proteome under different pathophysiological conditions will be 
determined mostly by changes in protein expression (translational 
and post‒translational regulated), at the level of PTM, proteolysis, 
or secretion during platelets degranulation processes associated 
with their activation.11‒15 It is well documented that selected platelet 
messages are translated into proteins after activation, regulating the 

inflammatory and hemostatic responses of the platelet.2‒8 Platelets 
can be affected by many physiological conditions during blood 
circulation that can ultimately lead to vascular complications initiated 
by thrombus formation.12‒16 During activation, release of platelet 
microparticles can generate various pathophysiological effects, 
such as initiation and exacerbation of stroke.16,17 One of the most 
advanced studies applied to the research of platelets biology under 
different activation states is the mass spectrometry coupled with 
profiling of protein changes applied to both resting and activated 
whole platelet proteomes, or to platelet subproteomes, including the 
platelet granules (alpha and dense), membrane systems, lipid rafts, 
and enriched phosphoproteome. Research conducted in the last 
five years acknowledges the identification of 5000‒5500 expressed 
proteins in human platelets, a proteome that is highly similar 
between different healthy individuals.10‒21 Recent emerging analytical 
technologies coupling the fractionation of the cellular proteome with 
the multidimensional nano LC/ESI/MS/MS sequencing, together with 
systems biology approaches empowered by bioinformatics analysis 
and data mining enabled a revolution in platelet proteomics that led 
to the development of new, mass spectrometric‒based assays for 
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Abstract

One top research assay used to validate the efficacy of pharmacological agents used in 
antiplatelets aggregation therapy is mass spectrometry coupled with high throughput 
profiling of changes in the proteomic expression in the activated platelets exposed to 
inhibitors or agonists of platelets signaling. Herein we present the development of a new, 
bottom‒up proteomics platform that enabled monitoring of changes in protein expression 
profiles of healthy human platelets, ex‒vivo activated with thrombin, using as reference the 
proteome of resting platelets. The assay employed the platelets cryogenic lysis and protein 
solubilization under denaturant conditions, enabling the extraction of key membrane‒
bound proteins, in addition to the cytosolic and organelles‒derived proteins secreted in 
microparticles, and found in the platelets releasates. Nano LC‒ESI/MS/MS sequencing of 
tryptic/Glu‒C/Lys‒C peptides from the “in solution” one step digestion of the whole platelets 
proteomes (2x108 platelets/patient sample) was performed on a Q‒Exactive quadrupole 
orbitrap mass spectrometer coupled with label free quantification (LFQ) analysis. The 
changes in proteomic landscapes were qualitatively and quantitatively analyzed using a 
combination of systems biology and bioinformatics approaches empowered by the ingenuity 
pathway analysis (IPA), and the screening of identified proteins and genes entities against 
curated databases containing platelets proteomes, including the “Adhesome”, “Exocarta”, 
“Reactome” and “Platelet Web”. The label‒free global proteomics analysis retrieved a total 
of 924 proteins (FDR <1.3% for proteins and <0.8% for peptides) out of which 330 were 
shared between resting and thrombin‒activated platelets. About 50% of the total proteome 
of thrombin‒activated platelets was represented by up‒regulated and previously validated 
protein biomarkers, involved in the pathways mediating the protease and thrombin activated 
receptor (PARs), integrin signaling, the actin and rhoA linked to cytoskeleton signaling, 
and activated kinases pathways regulating the cellular motility, aggregation, procoagulation 
and degranulation. In conclusion, the systems biology approaches validated our newly 
developed LFQ proteomic assay as a reliable tool for monitoring the changes in protein 
expression profiles in thrombin‒activated platelets, and further advocate for employment 
of these approaches in assessing the efficacy of antiplatelets drugs (inhibitors of platelets 
aggregation) during the prevention and treatment of cardiovascular and cerebrovascular 
diseases.
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enhanced research of platelet pathophysiology.15‒21 Consequently, the 
modern proteomics approaches can reveal: (1) targeted and untargeted 
quantitative changes in the abundances of thousands of proteins; (2) 
post‒translational modifications; (3) protein‒protein interactions 
networks; (4) subcellular localization, i.e. membrane‒bound proteins, 
or secreted proteome in the microvesicles, exosomes, microparticles 
found in platelets releasates.13‒16 Using highly sensitive and highly 
specific mass spectrometers (providing mass accuracy and resolution), 
and proteome fractionations assays involving denaturant, and reducing 
one‒dimensional or two‒dimensional protein electrophoretic 
systems (1‒DE and 2‒DE, respectively) followed by protein 
digestions with multiple enzymes (trypsin, LysC, Glu‒C and Asp‒N, 
among others), and further fractionations of peptides by means of 
orthogonal chromatographic systems, thousands of proteoforms can 
be characterized from highly pure fractions consisting of only 2x108 
platelets, purified from small volumes of blood, usually in the range 
of few milliliters.20‒28 Consequently, the future advances in the mass 
spectrometric profiling of protein expression and their corresponding 
highly‒regulated PTM are expected to allow platelet proteomics 
to be implemented in many research and clinical laboratories as a 
reliable tool for characterizing the molecular and cellular pathways 
that affect platelet homeostasis in healthy and disease states. Many 
original research articles and recent reviews highlighted the wide area 
of research dedicated to label or label‒free, targeted or untargeted 
proteomics profiling of changes in the platelets purified from 
patients experiencing cardiovascular, inflammatory, and bleeding 
disorders.27‒50 

Among the most cited research studies are the pharmacoproteomic 
assays that rely on applications of both qualitative and quantitative 
protein expression profiling of activated platelets induced by various 
physiological agonists, such as thrombin, collagen, arachidonic acid, 
and ADP. Such assays serve to monitor and quantify the dynamic 
changes in the whole platelet proteomic landscape in the presence 
of different agonists or antagonists of platelets aggregation, among 
which the effects of aspirin +/‒ clopidogrel and of natural products, 
like curdione and sarpogrelate are the best known to date.18,51 In 
addition, these pharmacoproteomic approaches were successfully 
employed to study the effects of antiplatelet therapy for finding 
the best management of cardiovascular diseases (CVDs) and other 
inflammatory diseases.20,25,32,40‒42,48‒58 It is very well known that 
platelets play a pivotal role in the pathophysiological mechanisms 
underlying many CVDs, especially acute coronary syndromes 
(ACSs), since platelets are the key players in thrombus formation 
after atheroma plaque rupture.29,31,35. Accordingly, many molecules, 
lipids and proteins, especially thrombin and thrombin‒activated 
protease (PAR) receptors (PAR1 and PAR4), involved in platelet 
activation and aggregation, are primary targets for treatment of 
ACSs. Therefore, the search for drugs that inhibit platelet activation 
was common to all these studies, and the search for protein profiles 
indicative of the response to a selected drug and dose was facilitated 
using proteomic technologies. Consequently, the recent advances in 
platelet proteomics applied to the study of CVDs focus primarily 
on sample preparation, subcellular fractionation, and bioinformatics 
requirements for proteome analysis of platelets derived from clinical 
samples.30‒41,52‒58 To better understand the platelets’ response to 
thrombin activation and its subsequent engagement of PAR receptors 
under clinical circumstances, especially when potent thrombin 
inhibitors can be used to treat the ACS syndrome, we developed 
and optimized a bottom‒up, qualitative and quantitative label‒free 
proteomic research study of human platelets isolated from healthy 

donors and ex‒vivo activated with thrombin, using as reference 
the proteome of resting platelets. The label‒free global proteomics 
analysis retrieved a total of 924 proteins, representing about 17% 
from the total proteins reported to date for platelets proteomes.30‒41,50. 
About 50% of the total proteome of thrombin‒activated platelets was 
represented by up‒regulated previously validated protein biomarkers 
involved in the pathways mediating the protease and thrombin 
activated receptor (PARs) and integrin signaling, the actin and rhoA 
linked to cytoskeleton signaling, and activated kinases pathways 
regulating the cellular motility, aggregation, procoagulation, and 
degranulation. These results validated our new simple and expensive 
less LFQ proteomic assay as a reliable tool for monitoring the changes 
in the protein expression profiles in thrombin‒activated platelets that 
can be further implemented in the clinical environment where the 
research on discovery of antiplatelets drugs (inhibitors of platelets 
aggregation) is a key factor for advancing the prevention and treatment 
of cardiovascular and cerebrovascular diseases.

Materials and methods
Human subjects and blood collection

Venous blood was collected from three healthy volunteers, who 
did not use any medication in the past 10days, as described in the 
previous published protocols.30‒35 The collection of blood from the 
volunteers was performed conform with the declaration of Helsinki 
and this part of the study was approved by the ethics review board 
of the Department of Medicine at SUNY, Downstate Medical Center, 
Brooklyn, New York, USA. Blood for MS‒based proteomics analysis 
was collected with an open system, anticoagulated with 3.2% trisodium 
citrate. Platelet‒rich plasma (PRP) was prepared by centrifugation of 
whole blood at 165xg for 10min at room temperature, no brake, as 
described in the previous published protocols.30‒35

Materials
Reagents

Trifluoroacetic acid, acetonitrile, acetic acid, formic acid, 
iodacetamide and methanol were purchased from Fisher Scientific 
(Pittsburgh, PA). Urea, dithiothreitol (DTT), TCEP‒HCL (Tris 
(2‒carboxyethyl) phosphine hydrochloride) iodoacetamide, 
ammonium bicarbonate, NaCl, KCl, KH2PO4, H3PO4 and NH4CO3 
were purchased from SIGMA (St. Louis, MO, USA) and from 
Thermo Fisher Scientific (Waltham, MA USA). Complete Proteinase 
inhibitor cocktail was also purchased from Roche. Porcine trypsin 
(20ug, specific activity > 5,000units/mg seq. grade modified), Lys‒C 
(sequencing grade, 10ug) and Glu‒C, sequencing grade (10ug) were 
purchased from Promega (Madison, WI). Human α‒Thrombin (Factor 
IIa) (catalog#: HT 1002a, Size: 1000units) was from Enzyme Research 
Laboratories (South Bend, IN, USA). Pierce C‒18spin columns 
(cat#89870) were from Thermoscientific (Rockford, IL, USA). 

Methods
Platelets purification and ex‒vivo activation with 
thrombin for proteomic analysis

PRP were subjected to the whole platelets purification as described 
previously by other research groups.30‒35 Then, platelets were pelleted 
at 750xg for 10min and twice washed with the Tyrode’s Buffer 
containing 134mM NaCl, 12mM NaHCO3, 2.9mM KCl, 0.34mM 
Na2HPO4, 1mM MgCl2, and 10mM Hepes (pH 7.4). Platelet count 
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was measured with a Beckman Coulter LH780 system (Beckman 
Coulter, Inc., Brea, CA). The flow cytometric assessment showed 
that the platelet samples contained 99.15–99.35% CD61 positive 
cells (platelets), the rest being represented by leukocyte population 
(CD45 positive), a purity which was within the same range with other 
published research studies on whole platelets proteome. To obtain 
thrombin activated platelets, wash platelets were resuspended in 
0.5mL of washing buffer with 1.8mM CaCl2 (to have 2x108 platelets/
ml) and 1 IU of human alpha‒thrombin for each sample derived from 
three healthy volunteers. 

Platelets lysis and proteins extraction

The washed platelets enriched fraction from three individual 
healthy donors was aliquoted in half for obtaining the whole 
proteome of “resting” and “thrombin‒activated” platelets, such that 
2x108 platelets/ml was processed for the proteomics assay. The assay 
employed the platelets cryogenic lysis (5 cycles of freezing in liquid 
nitrogen and thawing at 37oC) followed by protein solubilization 
with a 50mM ammonium bicarbonate buffer (pH 8.5) containing 8M 
urea, without fractionation. The extraction of platelets proteome was 
performed by centrifugation at 18,000rpm for 30min, at 4oC in bench 
microcentrifuge. These cryogenic lysis and protein extraction under 
denaturant conditions enabled the extraction of key membrane‒bound 
proteins in addition to the cytosolic and organelles‒derived proteins 
secreted in the microparticles and found in the platelets releasates, as 
shown by our new developed bottom‒up proteomics analysis. 

Sample preparation for mass spectrometry

The total extracted proteome from equal aliquots, (i.e.2x108 
platelets/sample) was reduced in solution with 30mM TCEP for 
40minutes at room temperature, followed by alkylation with 120mM 
iodoacetamide, for 55minutes, in the dark and at room temperature, 
in a buffer with 50mM ammonium bicarbonate (ABC) and 8M urea. 
The digestion was performed using combination of LysC/trypsin 
and Glu‒C enzymes, and the 1:25 protein: enzyme ratios, after urea 
was diluted to 2M final concentration with 50mM ABC buffer. The 
digestion was performed at 37oC for 16hours. The enzyme digestions 
were stopped with formic acid and acetonitrile (5% and 10%, 
respectively, final concentrations). The samples were further spun 
for 30minutes at 14,000xrpm in the top bench microcentrifuge. The 
supernatants containing the extracted peptides were evaporated in a 
Speed Vac, followed by desalting and concentration with C18 Zip Tip 
(Millipore) for further analysis using nano LC–ESI–MS/MS.

Nano LC–ESI–MS/MS analysis of tryptic/Glu‒C/Lys‒C 
peptides digests 

The tryptic/Glu‒C/Lys‒C peptides digests from the whole platelets 
proteomes were analyzed on a Q Exactive quadrupole orbitrap mass 
spectrometer coupled to an Easy nLC 1000 UHPLC (Thermo Fisher 
Scientific) through a nano electrospray ion source. Peptides were 
separated on a C18 analytical column (100µm internal diameter, 
x20cm length) packed with 2.7µm Phenomenex Cortecs particles, as 
described in another published protocol (60). The solution of peptides 
was equilibrated with 3µL 5% acetonitrile 0.1% formic acid, before 
being separated using optimized 90, 120 or 180min linear gradients 
employing 2% to 32% acetonitrile in a buffer with 0.1% formic acid, 
at a flow rate of 400nL/min. The LC mobile phase solvents and the 
sample dilutions contained 0.1% formic acid in water (Buffer A) and 
0.1% formic acid in 100% acetonitrile (Buffer B) (Optima™ LC/MS, 

Fisher Scientific, Pittsburgh, PA). Data acquisition was performed 
using the instrument provided Xcalibur™ (version 3.0) software. 
The mass spectrometer was operated in the positive ion ionization 
and data–dependent acquisition (DDA) mode. The full MS scans were 
obtained with a range of m/z 300 to 2000, at a mass resolution of 
120,000 at m/z 200, and a target value of 1.00E+06 with the maximum 
injection time of 50ms. HCD collision was performed on the 15 most 
significant peaks, and tandem mass spectra were acquired at a mass 
resolution of 15,000 at m/z 200 and a target value of 1.00E+05 with 
the maximum injection time of 110ms. The dynamic exclusion time 
was 20s. The normalized collision energy was optimized for 32‒34% 
as described in a previous published protocol.59 

Bioinformatics analysis of “resting” and 
“thrombin‒activated platelets” proteomics 
Peptide identification and validation 

Raw files from each technical and biological replicate were filtered, 
de novo sequenced and assigned with protein ID using Peaks 8.5 
software (Bioinformatics Solutions, Waterloo, Canada), by searching 
against the human (Homo Sapiens) Swiss Prot database (January 
2017; 158,154 entries) using protocols published elsewhere.59‒61 The 
following search parameters were applied for LFQ analysis: trypsin/
LysC and Glu‒C restrictions for enzymes and one allowed missed 
cleaved at one peptide end. The parent mass tolerance was set to 15ppm 
using monoisotopic mass, and a fragment ion mass tolerance was set 
to 0.06 Da. Carbamidomethyl cysteine (+57.0215 on C) was specified 
in PEAKS as a fixed modification. Methionine, lysine, proline, 
arginine, cysteine and asparagine oxidations (+15.99 on CKMNPR), 
deamidation of asparagine and glutamine (NQ‒0.98) and pyro‒Glu 
from glutamine (Q‒18.01 N‒term) were set as variable modifications. 
Data were validated using the FDR method built in PEAKS 8.5,40,41 
and protein identifications were accepted with a confidence score 
(‒10lgP)>18 for peptides and (‒10lgP)>15 for proteins; a minimum 
of 1 peptide per protein after data were filtered for less than 1.5 % 
FDR for peptides and less than 0.9% FDR for proteins identifications. 
An independent spectra filtering and validation of the MS/MS‒spectra 
and identified peptides and proteins was performed using Scaffold 
(version Scaffold_4.8.7, Proteome Software Inc., Portland, OR). The 
Scaffold built in option “MuDPIT” was used to combine multiple 
files from technical/biological replicates for each sample defining the 
“resting” and “thrombin‒activated” platelets samples. 

Criteria for protein identification in proteome 
software

Scaffold was used to validate MS/MS based peptide and 
protein identifications. Peptide identifications were accepted if 
they could be established at greater than 95.0% probability by the 
Peptide Prophet algorithm,59 with Scaffold delta‒mass correction. 
Protein identifications were accepted if they could be established 
at greater than 95.0% probability and contained at least 1 identified 
peptide. Protein probabilities were assigned by the Protein Prophet 
algorithm.59 Proteins that contained similar peptides and could not 
be differentiated based on MS/MS analysis alone were grouped to 
satisfy the principles of parsimony. Peptide identifications were set 
at greater than 95.0% probability by the Peptide Prophet algorithm 
with Scaffold delta‒mass correction. Protein identifications were set 
at greater than 95.0% probability and contained at least 1 identified 
peptide. These parameters ensured a final FDR<1.3% for proteins and 
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<0.8% for peptides. Proteins that contained similar peptides and could 
not be differentiated based on MS/MS analysis alone were grouped to 
satisfy the principles of parsimony. 

Label‒free relative peptide quantification 
(LFQ)
Label‒free quantitative (LFQ) methods (precursor 
intensity (MS1) and spectral counts (MS2)) were 
used to analyze and contrast the proteomic profiles 
“resting” and “thrombin‒activated” human platelets

LFQ analysis based on the precursor ion (MS1) intensity was 
performed using the quantification algorithm supported by the 
Quantitative PEAKS Q module (Bioinformatics Solution Inc., version 
8.5) using an optimized protocol published elsewhere.59‒61 Briefly, the 
data were filtered, smoothed, and aligned in retention time, followed 
by feature detection based on peak volume and isotopic clustering 
using the algorithm of PEAKS 8.5. MS/MS spectra were then extracted 
using the same software and used to search against the target‒decoy 
database containing all Swiss Prot entries for the Homo Sapiens 
(January 2017; 158,154 entries) as described above. The relative 
protein abundances were exported for all proteins representing each 
biological sample, “resting” vs “thrombin‒activated” platelets, after 
normalization of the corresponding averaged areas (abundances) with 
respect to the total ion current (TIC). Only proteins which passed a 
selected significance statistical threshold (ANOVA, p<0.05 and FDR 
<1% for protein and peptide expression) across all samples were used 
to perform the quantitative analysis. A complementary LFQ analysis 
using the spectral counts (specifically the normalized weighted 
spectral counts) intensity, i.e. based on MS/MS or MS2 analysis, was 
employed for the same set of platelets proteomic samples using the 
normalized weighted spectrum count option provided in “Scaffold” 
(version 4.8.7) and “per SPECtives” (version 2.0.6, Proteome 
Software Inc., Portland, OR). The Scaffold rescaled the protein ratios 
values using a log2 transformation, such that positive values reflected 
fold increases while the negative values reflected fold decreases. The 
final quantitative profile associated with each sample were statistically 
evaluated using the statistical significance threshold (p<0.05, by Fisher 
exact test). The matching “mzIdent ML” files generated in Scaffold 
for each of the “resting” and “thrombin‒activated” platelets biological 
sample were imported in “per SPECtives” software. The proteins were 
clustered in representative heat maps using a single linkage method 
and a ranked‒based Euclidean distance‒metric algorithm together 
with the weighted spectra counts for protein abundances. The Fisher’s 
test followed by standard Benjamini‒Hochberg correction was used 
to determine the statistical significance for the fold changes (p‒values 
of <0.05 were considered significant).

Gene ontology (GO), molecular and cellular pathways 
enrichment and systems biology analysis of platelets 
proteome

Networks, functional analyses, biochemical and cellular pathways 
were generated using the ingenuity pathway analysis (IPA; Ingenuity 
Systems, Redwood City, CA, USA) and the list of proteins extracted 
from LFQ analyses, using a methodology developed by us for 
other proteomics data set and published elsewhere.59 Specifically, 
the experimentally determined protein ratios (from MS1 integrated 
areas and/or MS2 normalized weighted spectral counts) were used to 

calculate the experimental fold changes by rescaling their values using 
a log2 transformation, such that positive values reflected fold increases 
while the negative values reflected fold decreases. For network 
generation, datasets containing gene identifiers (gene symbols) for 
the “resting” and “thrombin‒activated” platelets were uploaded into 
the IPA application together with their rescaled log2 transformation 
of protein’s area ratios. These molecules were overlaid onto a global 
molecular network contained in the Ingenuity Knowledge Base. The 
networks were generated based on their connectivity index using 
the built‒in IPA algorithm. The probability of having a relationship 
between each IPA indexed biological function and the experimentally 
determined genes were calculated by a right‒tailed Fisher’s exact test. 
The level of significance was set to a p‒value of <0.05. Accordingly, 
the IPA analysis identified the molecular and cellular pathways from 
the IPA library of canonical pathways that were most significant to 
the dataset (‒log (p value)>2.0). For the quantitative analysis of the 
expression profiles, IPA assigned the “z‒score” function to all eligible 
canonical and cellular pathways (where a “z<‒2 represent significant 
down‒regulation while a z>2.0 represent a significant up‒regulation 
of the selected pathway). The specific “resting” and “thrombin‒
activated” associated platelets proteins biomarkers together with all 
the cellular pathways were assigned to each proteome data set using 
the following databases: Adhesome (literature‒based protein‒protein 
interaction network) (http://www.adhesome.org/); Exocarta (exosome 
proteins, RNA and lipids database E) (http://exocarta.org/); Reactome 
(free, open‒source, curated and peer‒reviewed biological pathways 
database (https://reactome.org/); Platelet Biology/Systems Biology 
Workbench (protein‒protein interactions and phosphorylations in 
human platelets database) (http://plateletweb.bioapps.biozentrum.
uni‒wuerzburg.de/plateletweb.php).

Results and discussion
Platelets play an important role in the hemostatic 

machinery, by responding rapidly to damage of 
the vascular wall. This response is mediated through 
several signaling pathways acting downstream 
of receptors for von Willebrand Factor (vWF), thrombin (the PAR 
receptors) and collagen.1‒20 Autocrine stimulatory factors such as ADP 
and thromboxane are important for stimulating further adhesion to 
fibrinogen, vWF and collagen (through integrin receptors αIIbβ3, 
α2β1) and for activating circulating platelets.5‒10 Platelets play a 
pivotal role in the pathophysiological mechanisms underlying a wide 
family of CVDs, especially acute coronary syndromes (ACSs), as key 
players in thrombus formation after atheroma plaque rupture.20‒45 To 
better understand the platelets response to the thrombin activation 
and its subsequent engagement of PAR receptors under clinical 
circumstances, when potent thrombin inhibitors can be used to treat 
the ACS syndrome, we conducted a qualitative and quantitative label‒
free proteomic research study of human platelets isolated from healthy 
donors and ex‒vivo activated with thrombin, using as reference the 
proteome of resting platelets. Our main goal was to develop and 
optimize a bottom‒up label‒free proteomics assay which would use 
a small number of highly purified platelets (about 2x108 platelets/
patient sample) from the few milliliters of blood from healthy donors 
(maximum 8ml). We used the clinical samples of purified platelets 
from three healthy donors, who were not undergoing antiplatelet or 
non‒steroidal anti‒inflammatory (NSAID) drug therapy. Each blood 
sample was split in half and used for proteome extractions from equal 
number of “resting” and ex‒vivo “thrombin‒activated” platelets. 
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Given the intensive work required to fractionate the proteome and 
the expensive analytical mass spectrometer tools required to acquire 
the proteomic raw files, we prioritized the development of a simple 
method for proteome extraction avoiding multiple fractionation steps, 
but still suitable for retrieving the major known protein markers of 
thrombin‒activated platelets, mediating the cytoskeleton and integrin 
signaling and the degranulation pathways during the aggregation, as 
extensively reported by other proteomics studies,10‒45 the final goal 
being the implementation of a such proteomic assay for the basic 
and research clinical labs involved in the management of ACS using 
antiplatelet therapy. 

Development of a workflow for implementing the 
label‒free pharmacoproteomics assay designed to 
monitor the changes in the proteomics profiles of 
human “resting” platelets from healthy donors in 
comparison with the ex‒vivo “thrombin activated” 
platelets

The outline for the workflow employed for the platelets proteomic 
analysis is presented in Figure 1. The thrombin activated platelets are 
expected to trigger intracellularly signaling pathways mediated by 
PAR‒1 and PAR‒4 receptors.1‒10 A new method for lysis the platelets 
in one single step, without prior separation by other analytical methods 
followed by the “in solution” digestion with three enzymes (trypsin/
LysC/Glu‒C) enabled the extraction of peptides from the total platelet 
proteome, including the membrane‒derived and microvesicles 
contained in the releasates, that were amenable for nano LC/MS/MS 
sequencing on a Q Exactive quadrupole orbitrap mass spectrometer. 
The bottom‒up label‒free proteomics analysis employed the label free 
quantification (LFQ) module provided by PEAKS 8.5 (Bioinformatics 
Solutions Inc.) on proteomic samples processed from equal number of 
platelets (2x108cells/treatment). The changes in the protein expression 
profiles were complemented by an additional analysis involving the 
Scaffold and per SPECtives software (Proteome Software Inc.) where 
the protein abundances are reported by LFQ analysis employing spectra 
counts. The platelets proteomes were further annotated for their gene 
ontology (GO), molecular functions, cellular pathways and protein‒
protein interactions networks using a comprehensive bioinformatics 
and system biology approaches employing the Ingenuity Pathways 
Analysis (IPA), “Exocarta‒Funrich”, “Reactome”, “Adhesome” and 
“Platelet Web/Systems Biology” webservers. 

The thrombin activated platelets are expected to trigger 
intracellularly signaling pathways mediated by PAR‒1 and PAR‒4 
receptors.13,15 To achieve a high sequence coverage for the proteins 
involved in the PAR‒1 and PAR‒4 signaling transduction and involved 
in platelets aggregation events, we developed and optimized a method 
for platelets lysis in absence of any detergent, i.e. a cryogenic lysis in 
liquid nitrogen followed by protein solubilization under denaturant 
conditions (in 50mM ammonium bicarbonate buffer, pH 8.5 with 8M 
urea) Figure 1. Equal aliquots of start‒up platelets (2x10^8 cells/sample) 
were used for the “resting” and the “thrombin‒activated” platelets. 
Three biological replicates were subjected for the bottom‒up analysis, 
each run in technical dupliactes. The “in solution” digestion with three 
enzymes (trypsin/LysC/Glu‒C), enabled the extraction of peptides 
from the total platelet proteome, including the membrane‒derived and 
microvesicles contained in the releasates, as reported previously by 
other studies on platelets proteomics.20‒30 The extracted peptides were 
subjected to nano LC/MS/MS sequencing on a Q Exactive quadrupole 

orbitrap mass spectrometer, as summarized in the protocol shown in 
Figure 1. The label‒free proteomics analysis employed the label free 
quantification (LFQ) module provided by PEAKS 8.5 (Bioinformatics 
Solutions Inc.), In addition, the changes in the protein expression 
profiles were complemented by an additional analysis involving the 
Scaffold and per SPECtives software (Proteome Software Inc.). The 
platelets proteomes were further annotated for their gene ontology 
(GO), molecular functions, cellular pathways and protein‒protein 
interactions networks using a comprehensive bioinformatics and 
system biology approaches employing the Ingenuity Pathways 
Analysis (IPA), “Exocarta‒Funrich”, “Reactome”, “Adhesome” and 
“Platelet Web/Systems Biology” webservers Figure 1.

Figure 1 Workflow displaying the strategy employed for the label‒free 
pharmacoproteomics approach designed to monitor the changes in the 
proteomics profiles of human “resting” platelets from healthy donors in 
comparison with the ex‒vivo “thrombin activated” platelets.

Nano LC/MS/MS analysis of tryptic peptides derived 
from the whole proteomic analysis of “resting” and 
“thrombin‒activated” platelets 

Mass spectrometric analysis of MS1 and MS2 data acquired on 
a Q Exactive quadrupole orbitrap mass spectrometer employing 
the HCD positive ionization mode. As shown in Figure 2. Mass 
spectrometric analysis of MS1 and MS2 data acquired on a Q 
Exactive quadrupole orbitrap mass spectrometer employing the 
HCD positive ionization mode. (A and B): Representative 2D heat 
maps (shown as retention time (RT) vs m/z), corresponding to the 
total number of features extracted from the filtered MS scans, having 
aligned RT, m/z, mass error (ppm), charge (z) and average area (in 
purple color), are displayed together with the total number of MS/
MS spectra assigned to peptide sequences (blue color). The 2D heat 
maps represent the proteomic output from LFQ analysis of one (out 
of three) representative biological samples corresponding to the 
“resting” and “thrombin‒activated” platelets. On average, between 
3600‒10,000 peptides sequences were successfully assigned by de 
novo sequencing coupled with LFQ and PEAKS ID analysis, using 
PEAKS 8.5 software, for each biological sample comprising of 
“resting” or “thrombin‒activated” platelets. (C‒D) 3D (upper panel) 
and 2D (lower panel) intensities chromatogram views (RT vs (m/z) 
vs MS1/MS2 (“total ion current” TIC)) of nano LC/MS1/MS2 data 
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for the proteomic and LFQ analysis of one representative biological 
sample recorded for the “resting” and “thrombin‒activated” platelets.

Figure 2 nano LC/MS/MS analysis of tryptic peptides derived from the whole 
proteomic analysis of “resting” and “thrombin‒activated” platelets.

The representative 2D heat maps (retention time (RT) vs m/z) show 
a high overlap (about 85‒90%) between the total number of features 
extracted from the filtered MS scans, characterized by aligned RT, 
m/z, mass error (ppm), charge (z) and average area (purple color) and 
the total number of MS/MS spectra assigned to peptide sequences 
(blue color). The 2D heat maps represent the proteomic output from 
LFQ analysis of one (out of three) representative biological samples 
corresponding to the “resting” and “thrombin‒activated” platelets 
Figure 2). On average, between 3600‒10,000 peptides sequences were 
successfully assigned to protein IDs using the de novo sequencing 
coupled with LFQ and PEAKS ID analysis using PEAKS 8.5 software, 
for each biological sample comprising of “resting” and “thrombin‒
activated” platelets (see Figure 3 for statistics of PEAKS analysis). 
Representative qualitative results of proteomic output for one 
selected biological sample (thrombin‒activated platelets), performed 
with PEAKS 8.5, after de novo sequencing and PEAKS ID coupled 
with LFQ analysis. (A) The PEAKS built‒in false discovery rate 
(FDR=0.1%) is displayed for the identified peptide‒spectrum matches 
(PSM). (B) The distribution of PEAKS peptide score (calculated 
as‒10lgP) (panel (a) in B) is presented with the PEAKS scatterplot 
of peptide score vs the precursor mass error (ppm) (panel (b) in B). 
The decoys are displayed in brown while the target hits are displayed 
in blue (in B). Peptides having PEAKS peptide score “‒10lgP” of 15 
or 18 and higher were confidently assigned to proteins with PEAKS 
ID and characterized by FDR<0.8%. The complete list of proteins 
and details of mass spectrometry analysis for each of the proteomes 
of “resting “and “thrombin‒activated” platelets are provided in the 
Supplementary Table 1. Nano UPLC gradients for fractionating 
the tryptic peptides were developed for 90, 120 and 180minutes, as 
displayed in the Figure 2C & Figure 2D and described in detail in the 
method section. The gradients employing 120 and 180minutes time 
for fractionation were the best suited to gain more than 3500peptides 
with assigned sequence, after MS/MS analysis (see Figure 3 for data 
analysis). 

Figure 3 Label‒free qualitative analysis and protein identification for the 
proteomes from “resting” and “thrombin‒activated” platelets.

Label‒free qualitative and quantitative analysis 
of protein identification for the proteomes from 
“resting” and “thrombin‒activated” platelets

The analysis of MS1 and MS/MS data provided by the mass 
spectrometry collected raw files were analyzed with the “de novo” 
sequencing algorithm coupled with LFQ and PEAKS ID modules 
employed in PEAKS 8.5 software (Bioinformatics Solutions, Inc, 
Waterloo, Canada). Representative qualitative results of proteomic 
output for one selected biological sample (i.e. the “thrombin‒
activated” platelets) are shown in Figure 3. The PEAKS built‒in false 
discovery rate algorithm was used to assess the quality of the assigned 
peptide sequences and to validate the MS/MS features with assigned 
sequence. As shown in the Figure 3A the calculated FDR was 0.1% 
for the peptides‒spectrum matches (PSM) while the distribution 
of PEAKS peptide score (calculated as‒10lgP) (panel (a) in B) are 
showing that peptides having PEAKS peptide score “‒10lgP” of 
18 or 20 and higher could be confidently assigned to proteins with 
PEAKS ID. On average the calculated peptides FDR was <0.8%. The 
complete list of proteins and details of mass spectrometry analysis 
for each replicate proteome of “resting “and “thrombin‒activated” 
platelets, are provided in the Supplementary Table 1. The canonical 
pathway is displayed by IPA using the experimentally determined 
protein ratios (i.e. “activated”/”resting” platelets) quantified using 
≥1 peptides/protein, and their associated fold changes, shown in 
the table as “Experimental Log ratios”. 52 proteins identified in the 
proteome of “thrombin‒activated” platelets are matched with the 
integrin signaling pathway by the knowledge database in IPA. The 
IPA rescaled the protein ratios values using a log2 transformation, such 
that positive values reflected fold increases (shown as “Up”) while 
the negative values reflected fold decreases (shown as “Down”). 
The integrin signaling pathway the assigned “activation z‒score” of 
“+5.28” (see details in Supplementary Table 4).

The validation of mass spectrometric MS1 and MS/MS (i.e. MS2) 
data was complemented by the statistical analysis of the proteomic 
output for each biological replicate using the PEAKS 8.5 software, 
after de novo sequencing and PEAKS ID coupled with LFQ analysis. 
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As shown in Figure 4A, PEAKS software provides Table 1 containing 
the statistics for the total number (#) of MS and #MS/MS scans. 
This table is further complemented with the results for the filtration 
parameters, such as the peptide score, “A” score (A>20 assigned 
confident PTM), protein score, #unique peptides/protein, and de novo 
ALC score, presented in Table 2. The canonical pathway is displayed 
by IPA using the experimentally determined protein ratios (i.e. 
“activated”/”resting” platelets) quantified using ≥1 peptides/protein, 
and their associated fold changes, shown in the table as “Experimental 

Log ratios”. 47 proteins identified in the proteome of “thrombin‒
activated” platelets are matched with the actin cytoskeleton signaling 
pathway by the knowledge database in IPA. The IPA rescaled the 
protein ratios values using a log2 transformation, such that positive 
values reflected fold increases (shown as “Up”) while the negative 
values reflected fold decreases (shown as “Down”). The cytoskeleton 
signaling pathway has an assigned “activation z‒score” of “+5.94” 
(see details in Supplementary Table 4).

Table 1 Ingenuity pathway analysis (ipa) predicted up-regulation of “integrin-mediated signaling”, as a major canonical pathway regulated by thrombin activation 
in the platelets proteome 

Symbol Entrez gene name Expr log ratio Expected Location Type(s)

RAP1A RAP1A, member of RAS oncogene 
family

25.632 Up Cytoplasm enzyme

ARF5 ADP ribosylation factor 5 24.019 Down Cytoplasm enzyme

CAPNS1 calpain small subunit 1 24.019 Up Cytoplasm peptidase

ARF4 ADP ribosylation factor 4 23.391 Down Cytoplasm enzyme

CRKL CRK like proto-oncogene, adaptor 
protein 22.932 Up Cytoplasm kinase

GRB2 growth factor receptor bound protein 2 22.932 Up Cytoplasm kinase

MAPK1 mitogen-activated protein kinase 1 21.932 Up Cytoplasm kinase

RAP2B RAP2B, member of RAS oncogene family 20.932 Up
Plasma 
Membrane enzyme

WAS Wiskott-Aldrich syndrome 20.932 Up Cytoplasm other

RALB RAS like proto-oncogene B 19.932 Up Cytoplasm enzyme

RRAS RAS related 19.932 Up Cytoplasm enzyme

ACTG2 actin, gamma 2, smooth muscle, enteric 4.605 Up Cytoplasm other

ARF3 ADP ribosylation factor 3 4.392 Down Cytoplasm enzyme

ACTA1 actin, alpha 1, skeletal muscle 3.985 Up Cytoplasm other

MYL12A myosin light chain 12A 3.222 Up Cytoplasm other

MYL12B myosin light chain 12B 3.196 Up Cytoplasm other

VASP vasodilator stimulated phosphoprotein 2.615 Down
Plasma 
Membrane other

ACTN2 actinin alpha 2 2.382 Up Nucleus
transcription 
regulator

ACTB actin beta 2.343 Up Cytoplasm other

ACTG1 actin gamma 1 2.203 Up Cytoplasm other

ARF1 ADP ribosylation factor 1 2.138 Down Cytoplasm enzyme

MYL9 myosin light chain 9 2.115 Up Cytoplasm other

ARPC5
actin related protein 2/3 complex 
subunit 5 1.874 Up Cytoplasm other

MYLK myosin light chain kinase 1.585 Up Cytoplasm kinase

RAP1B RAP1B, member of RAS oncogene family 1.585 Up Cytoplasm enzyme

ARPC1B
actin related protein 2/3 complex 
subunit 1B 1.495 Up Cytoplasm other

LIMS1 LIM zinc finger domain containing 1 1.471 Up
Plasma 
Membrane other

ACTN3 actinin alpha 3 (gene/pseudogene) 1.354 Up Plasma 
Membrane other

SRC
SRC proto-oncogene, non-receptor 
tyrosine kinase 1.354 Up Cytoplasm kinase
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Symbol Entrez gene name Expr log ratio Expected Location Type(s)

ACTN4 actinin alpha 4 1.331 Up Cytoplasm
transcription 
regulator

ZYX zyxin 1.31 ‒ Plasma 
Membrane

other

ARPC2 actin related protein 2/3 complex 
subunit 2

1.237 Up Cytoplasm other

GSN gelsolin 1.184 ‒ Extracellular 
Space

other

ARPC4 actin related protein 2/3 complex 
subunit 4

1.087 Up Cytoplasm other

ACTN1 actinin alpha 1 1.07 Up Cytoplasm transcription 
regulator

CAPN1 calpain 1 1.059 Up Cytoplasm peptidase

RAC2 Rac family small GTPase 2 0.848 Up Cytoplasm enzyme

ACTR3 ARP3 actin related protein 3 homolog 0.817 Up
Plasma 
Membrane other

ACTR2 ARP2 actin related protein 2 homolog 0.807 Up Plasma 
Membrane other

VCL vinculin 0.773 Up
Plasma 
Membrane enzyme

ILK integrin linked kinase 0.755 Up Plasma 
Membrane

kinase

PFN1 profilin 1 0.696 Up Cytoplasm other

PARVB parvin beta 0.596 Down Cytoplasm other

ARPC3
actin related protein 2/3 complex 
subunit 3 0.585 Up Cytoplasm other

ITGB1 integrin subunit beta 1 0.585 Up
Plasma 
Membrane

transmembrane 
receptor

TLN1 talin 1 0.488 Up
Plasma 
Membrane other

ITGA2B integrin subunit alpha 2b 0.466 Up
Plasma 
Membrane

transmembrane 
receptor

ITGB3 integrin subunit beta 3 0.464 Up
Plasma 
Membrane

transmembrane 
receptor

ITGA6 integrin subunit alpha 6 0.263 Up
Plasma 
Membrane

transmembrane 
receptor

RHOA ras homolog family member A 0.222 Up Cytoplasm enzyme

CDC42 cell division cycle 42 0.152 Up Cytoplasm enzyme

CTTN cortactin 0 Up Plasma 
Membrane

other

Table Continued

The statistics for the filtered mass spectrometric results are 
displayed in Table 3 (panel A) from Figure 4B and includes the FDR 
for PSM, peptides and proteins, in this case for a biological replicate 
representing the “thrombin‒activated” platelets. Statistical analysis of 
the proteomic output for one selected biological sample (thrombin‒
activated platelets), performed in PEAKS 8.5, after de novo sequencing 
and PEAKS ID coupled with LFQ analysis. (A) The table containing 
the statistics for the total number (#) of MS and #MS/MS scans is 
complemented with the results for the filtration parameters, such as 
the peptide score, “A” score, protein score, #unique peptides/protein, 
and de novo ALC score, presented in Table 2. (B) The statistics for 
the filtered results are displayed in the table (panel A) which includes 
the FDR for PSM, peptides and proteins. The validation plot for 
“de novo” results corresponding to the residue local confidence is 

displayed in (a). The number (#) residues in the de novo sequences 
validated by confident database assignment are plotted as a function 
of the de novo residue local confidence (expressed as %) in (a). The 
validation plot for the residues found only by “de novo” sequences but 
not assigned by confident database search to any peptide assignment 
are shown in (b). (C) Venn diagram displaying the total number of 
proteins corresponding to the changes in the proteomic expression 
profiles in human platelets from one healthy donor under “resting” 
conditions (control) or ex‒vivo activated by thrombin corresponding 
to an FDR <1.2% for proteins and <0.2% for peptides, as calculated by 
the statistical LFDR built in algorithm in PEAKS 8.5. The complete 
list of proteins and details of mass spectrometry analysis for each of 
the proteomes of “resting “and “thrombin‒activated” platelets are 
provided in the Supplementary Table 1.
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In Figure 4C the venn diagram displays the total number of 
proteins corresponding to the changes in the proteomic expression 
profiles in human platelets from one healthy donor under “resting” 
conditions (control) and ex‒vivo activation by thrombin. The 
representative example in Figure 4B&4C showed that the proteomic 
data successfully assigned 8302 peptides and 932 proteins having an 
FDR <1.2% for proteins and <0.2% for peptides, as calculated by 
the statistical LFDR built in algorithm in PEAKS 8.5. The complete 
list of proteins and details of mass spectrometry analysis for each of 
the proteomes of “resting “and “thrombin‒activated” platelets are 
provided in the Supplementary Table 1. The label‒free quantitative 
analysis of changes in the protein expression profiles from the 
“resting” and “thrombin‒activated” platelets was conducted first 
at the level of the precursor ion (MS1) using the LFQ quantitative 
module provided by PEAKS 8.5. As shown in Figure 5A, the intensity 
correlation plots displayed for different pairs of resting and thrombin‒
activated platelets, after performing the LFQ analysis, are having the 
calculated Pearson’s correlation score (r=0.85) for the pair of “resting” 
and the “thrombin‒activated samples” which are expected to exhibit 
differences at the level of protein expression. In contrast, the two 
“alike” independent biological replicates corresponding either to the 
“thrombin‒activated” or to the “resting” platelets had the calculated 
correlation scores of 0.924 (in Figure 5B) and 0.939 (in Figure 5C) 
respectively, a proof of the high reproducibility of the developed 
proteomic assay. Additional parameters of mass spectrometric 
analysis are reported in Supplementary Table 1 & 2. 

Figure 4 Label‒free qualitative analysis of proteomes from “resting” and 
“thrombin‒activated” platelets.

The LFQ quantitative analysis used an independent “in silico” 
combined analysis (“Mud Pit” assay) to extract the combined total 
spectral counts (MS/MS) associated with the proteins from each 
biological sample. The LFQ analysis at the level of spectral counts 
retrieved the venn diagram displayed in Figure 5D, which shows a 
total of 924 proteins corresponding to the changes in the proteomic 
expression profiles in human platelets purified from three healthy 
donors. A total of 330 proteins are shared between the “resting” and 
“activated” platelets, while the 583 are having enhanced expression 
in the “activated” sample and only 11 proteins were mapped as being 
more expressed in the “resting” state. The data in the venn diagram 
was filtered to achieve an FDR<1.3% for proteins and <0.8% for 
peptides, as calculated by the Prophet peptide and protein algorithms 
built in algorithm in Scaffold (version 4.8.7, Proteome Software 
Inc.). The total 924 proteins characterized the proteome of “resting” 
and “thrombin‒activated” platelets represent about 17% from the 

total proteins reported to date for the platelets proteomes.50 The 
relative protein abundances identified in the whole platelet proteome 
was displayed as a clustered heat map after normalization of the 
corresponding weighted spectral counts (MS/MS level) using the 
built‒in algorithm from “per SPECtives” (version 2.0.6, Proteome 
Software Inc.) as shown in Figure 5E. 

Figure 5 Label‒free quantitative analysis of changes in the protein expression 
profiles in “resting” and “thrombin‒activated” platelets.

(A‒C) The intensity correlation plots displayed for different 
pairs of “resting” and “thrombin‒activated” platelets samples 
after performing the LFQ analysis for the selected proteomic data. 
The Pearson’s correlation score (r=0.85) indicates the expected 
proteomic differences between the “resting” and the “thrombin‒
activated” samples” (in A) while the correlation scores of 0.924 (in 
B) and 0.939 (in C) indicate the high reproducibility of the proteomic 
changes monitored in biological triplicates for either the “resting” or 
the “thrombin‒activated” platelets. Additional parameters of mass 
spectrometric analysis are reported in Supplementary tables S1‒S2. (D) 
Venn diagram displaying the total number of proteins corresponding 
to the changes in the proteomic expression profiles in human platelets 
purified from three healthy donors for which an “in silico” combined 
analysis (“Mud Pit” assay) was performed to extract the combined 
total proteins from each biological sample. The data in the Venn 
diagram was filtered to achieve an FDR <1.3% for proteins and 
<0.8% for peptides, as calculated by the Prophet peptide and protein 
algorithms built in algorithm in Scaffold (version 4.8.7, Proteome 
Software Inc.). (E) The relative protein abundances identified in the 
whole platelet proteomes are displayed as a clustered heat map after 
normalization of the corresponding weighted spectral counts (MS/
MS level) using the built‒in algorithm from “per SPECtives” (version 
2.0.6, Proteome Software Inc.) as described in detail in the methods 
section. Only proteins which passed a selected significance statistical 
threshold (FDR <1.5 % for proteins, FDR<0.8% for peptide and 
p<0.05 by Fisher’s test followed by standard Benjamini‒Hochberg 
correction) were clustered using a single linkage method and a ranked‒
based Euclidean distance‒metric in the representative heat map. The 
complete list of proteins and details of mass spectrometry analysis for 
each of the proteomes of “resting “and “thrombin‒activated” platelets 
are provided in the Supplementary Table 1 & 2. Only proteins which 
passed a selected significance statistical threshold (FDR <1.5 % for 
proteins, FDR<0.8% for peptide and p<0.05 by Fisher’s test followed 
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by standard Benjamini‒Hochberg correction) were clustered using 
a single linkage method and a ranked‒based Euclidean distance‒
metric in the representative heat map. The complete list of proteins 
and details of mass spectrometry analysis for each of the proteomes 

of “resting “and “thrombin‒activated” platelets are provided in the 
Supplementary Table 1 & 2. A zoomed view of one of the cluster 
of proteins having significant protein expression profiles (p<0.05, by 
Fisher exact test) is displayed in Figure 6. 

Table 2 Ingenuity pathway analysis (ipa) predicted up-regulation of “actin cytoskeleton signaling”, as a major canonical pathway regulated by thrombin activation 
in the platelets proteome

Symbol Entrez gene name Expr log ratio Expected Location Type(s)

MYH10 myosin heavy chain 10 25.253 Up Cytoplasm enzyme

EZR ezrin 23.101 Up Plasma Membrane other

CRKL
CRK like proto-oncogene, 
adaptor protein 22.932 Up Cytoplasm kinase

GRB2 growth factor receptor bound 
protein 2

22.932 Up Cytoplasm kinase

MAPK1
mitogen-activated protein 
kinase 1 21.932 Up Cytoplasm kinase

WAS Wiskott-Aldrich syndrome 20.932 Up Cytoplasm other

KNG1 kininogen 1 19.932 ‒ Extracellular Space other

RRAS RAS related 19.932 Up Cytoplasm enzyme

ACTG2
actin, gamma 2, smooth muscle, 
enteric 4.605 Up Cytoplasm other

ACTA1 actin, alpha 1, skeletal muscle 3.985 Up Cytoplasm other

MYL12A myosin light chain 12A 3.222 Up Cytoplasm other

MYL12B myosin light chain 12B 3.196 Up Cytoplasm other

CSK C-terminal Src kinase 2.585 Up Cytoplasm kinase

ACTN2 actinin alpha 2 2.382 Up Nucleus transcription 
regulator

ACTB actin beta 2.343 Up Cytoplasm other

ACTG1 actin gamma 1 2.203 Up Cytoplasm other

MYL6 myosin light chain 6 2.198 Up Cytoplasm enzyme

MYL9 myosin light chain 9 2.115 Up Cytoplasm other

ARPC5 actin related protein 2/3 
complex subunit 5

1.874 Up Cytoplasm other

DIAPH1 diaphanous related formin 1 1.837 Up Plasma Membrane other

MSN moesin 1.784 Up Plasma Membrane other

MYLK myosin light chain kinase 1.585 ‒ Cytoplasm kinase

ARPC1B
actin related protein 2/3 
complex subunit 1B 1.495 Up Cytoplasm other

ACTN3 actinin alpha 3 (gene/
pseudogene) 1.354 Up Plasma Membrane other

ACTN4 actinin alpha 4 1.331 Up Cytoplasm transcription 
regulator

ARPC2 actin related protein 2/3 
complex subunit 2

1.237 Up Cytoplasm other

GSN gelsolin 1.184 Down Extracellular Space other

ARPC4 actin related protein 2/3 
complex subunit 4 1.087 Up Cytoplasm other

ACTN1 actinin alpha 1 1.07 Up Cytoplasm transcription 
regulator

FN1 fibronectin 1 1 Up Extracellular Space enzyme

CFL1 cofilin 1 0.883 Down Nucleus other
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Symbol Entrez gene name Expr log ratio Expected Location Type(s)

PIP4K2A
phosphatidylinositol-5-
phosphate 4-kinase type 2 
alpha

0.848 Up Cytoplasm kinase

RAC2 Rac family small GTPase 2 0.848 Up Cytoplasm enzyme

ACTR3 ARP3 actin related protein 3 
homolog

0.817 Up Plasma Membrane other

ACTR2
ARP2 actin related protein 2 
homolog 0.807 Up Plasma Membrane other

VCL vinculin 0.773 Up Plasma Membrane enzyme

ROCK2 Rho associated coiled-coil 
containing protein kinase 2

0.737 Up Cytoplasm kinase

MYH9 myosin heavy chain 9 0.721 Up Cytoplasm enzyme

PFN1 profilin 1 0.696 Up Cytoplasm other

ARPC3 actin related protein 2/3 
complex subunit 3 0.585 Up Cytoplasm other

ITGB1 integrin subunit beta 1 0.585 Up Plasma Membrane transmembrane 
receptor

TLN1 talin 1 0.488 Up Plasma Membrane other

FLNA filamin A 0.35 Up Cytoplasm other

RHOA ras homolog family member A 0.222 Up Cytoplasm enzyme

CDC42 cell division cycle 42 0.152 Up Cytoplasm enzyme

IQGAP2 IQ motif containing GTPase 
activating protein 2

0 Down Cytoplasm other

CYFIP1 cytoplasmic FMR1 interacting 
protein 1

-0.415 ‒ Cytoplasm other

Normalized weighted spectral counts quantified by label‒free analysis 
of protein expression profiles in the total proteomes from the “resting” 
and “thrombin‒activated” platelets. (C) Selected zoomed protein 
clusters views from the heat map displayed in Figure 5E highlight the 
major groups of proteins up‒regulated in the “thrombin‒activated” 
vs “resting” platelets, most of which were already reported by other 
studies on the proteomics of whole platelet, membrane‒derived 
proteins, microvesicles and releasates purified from platelets.1‒6 The 
relative protein abundances are displayed after normalization of the 
corresponding weighted spectral counts (MS/MS level) using the 
built‒in algorithm from “per SPECtives” (version 2.0.6, Proteome 
Software Inc.) as described in detail in the methods section. Details 
of the quantitative analysis for the selected proteomics data are 
presented in the Supplementary Table 2. Given the small volume 
of blood collected from each donor (8ml), the small sample size 
(three donors) and the small number of platelets used for each assay 
(2x108 platelets/sample), the 17% coverage of the major proteomic 
biomarkers characterizing the human platelets in resting and activated 
states represents an achievement in the proteomic profiling of human 
platelets. These data further support our developed proteomic assay, 
using one single‒step in solution digestion and peptides extraction 
coupled with nano LC/ESI/MS/MS on sensitive QExactive mass 
spectrometer, as a powerful tool for monitoring the qualitative and 
quantitative proteomic changes due to different pathophysiological 
conditions. 

Development of an integrative bioinformatics 
and systems biology method to qualitatively and 
quantitatively assess the differential expression profile 
in the proteome of “thrombin‒activated” platelets

The changes in the proteomic landscapes were qualitatively and 
quantitatively analyzed using a combination of systems biology and 
bioinformatics approaches empowered by the ingenuity pathway 
analysis (IPA) and screening of the identified proteins and genes 
entities against the curated databases containing the platelets 
proteomes, including the “Adhesome”, “Exocarta”, “Reactome” 
and “Platelet Web”. About 50% of the our reproted total proteome 
of “thrombin‒activated” platelets was represented by up‒regulated 
and previously validated protein biomarkers involved in the pathways 
mediating the protease and thrombin activated receptor (PARs) 
and integrin signaling, the actin and rhoA linked to cytoskeleton 
signaling, and activated kinases pathways regulating the cellular 
motility, aggregation, procoagulation and degranulation.10‒45 The 
bioinformatics analysis for the whole proteome of “thrombin‒
activated” platelets used first the “Reactome” database. Proteins 
IDs compiled in the Supplementary Table 1 & 2 were used to 
assign the gene ontology (GO) and the associated cellular pathways 
by employing the “Reactome” database (https://reactome.org/), 
as shown in Figures 7&8. The “Reactome” analysis retrieved the 
“hemostasis”, “platelets activation, signaling and aggregation” and 
“platelet degranulation” as the most significant pathways associated 
with the “thrombin‒activated” platelets (p<10‒10 for the gene entities, 

Table Continued
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calculated by the statistics employed in the “Reactome” database) 
(Figure 7A). The proteome of “thrombin‒activated platelets” was 
thus exhibiting a significant increase in the platelet derived proteins 
involved in the maintenance of hemostasis, platelets activation, 
signaling, aggregation, degranulation and response to elevated platelet 
cytosolic Ca2+ pathways. In Figure 7B, Bioinformatics analysis for 
the whole proteome of “thrombin‒activated” platelets using the 
“Reactome” database. Proteins IDs compiled in the Supplementary 
Table 1 & 2 were used to assign the gene ontology (GO) and 
the associated cellular pathways using the “Reactome” database 
(https://reactome.org/). (A) The “Reactome” analysis retrieved the 
“hemostasis”, “platelets activation, signaling and aggregation” and 
“platelet degranulation” as the most significant pathways associated 
with the “thrombin‒activated” platelets (p<10‒10 for the gene entities, 
calculated by the statistics employed in the “Reactome” database). (B) 
The “platelets degranulation” pathway highlights in shaded yellow 
color at least 50% overlap between the experimentally identified 
proteins by the proteomic LFQ assay and the entities indexed in the 
“Reactome” database. False discovery rates (FDR) of less than 10‒8 

were retrieved for the proteins clustered by the “Reactome” in the 
“platelet releasate secretory granules”, “platelet releasate cytosolic 
proteins”, “platelet dense granule membrane components”, “platelet 
alpha granules membrane‒derived and cytosolic proteins released by 
degranulation”. Details of the bioinformatics analysis for the selected 
proteomics data are presented in the Supplementary Table 3. The 
“platelets degranulation” pathway is displayed and the highlights 
in shaded yellow color are corresponding to the about 50% overlap 
between the experimentally identified proteins by the proteomic LFQ 
assay and the entities indexed in the “Reactome” database. False 
discovery rates (FDR) of less than 10‒8 were retrieved for the proteins 
clustered by the “Reactome” in the “platelet releasate secretory 
granules”, “platelet releasate cytosolic proteins”, “platelet dense 
granule membrane components”, “platelet alpha granules membrane‒
derived and cytosolic proteins released by degranulation”. Proteins 
IDs having >95% probability assigned by the Prophet algorithm in 
Scaffold (shown in the Supplementary Table 2) were further used for 
gene ontology (GO) assignment and their associated cellular pathways 
by employing the “Reactome” database (https://reactome.org/). 

Figure 6 Label‒free analysis of proteomes from “resting” and “thrombin‒activated” platelets.

The “Reactome” analysis generated an enriched view for “platelets 
activation, signaling and aggregation” and “platelet degranulation” 
pathways described in Figure 7. The statistical analysis highlighted 
the % overlap (in yellow color) between the experimental data and the 
proteins indexed in the “Reactome” as being part of the as the most 
significant signaling pathways associated with “platelets aggregation”, 

“GPVI‒mediated activated cascade”, “thrombin signaling through 
proteinase activated receptors (PAR)”, “response to elevated platelet 
cytosolic Ca2+) and “signaling amplification)” (p<0.05, using the 
“Reactome” algorithms). The statistically significant FDR scores 
characterizing the cellular pathways describing the activated platelets 
validated our new developed LFQ proteomic profiling as a robust 
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assay for monitoring the proteomic landscape associated with 
platelets activation, signaling, degranulation and aggregation. Figure 
8 Bioinformatics analysis for the whole proteome of “thrombin‒
activated” platelets using the “Reactome” database. Proteins IDs 
compiled in the Supplementary Table 1 & 2 were used to assign 
the gene ontology (GO) and the associated cellular pathways using 
the “Reactome” database (https://reactome.org/). The “Reactome” 
analysis generated an enriched view for “platelets activation, signaling 
and aggregation” and “platelet degranulation” pathways described in 
Figure 7. The statistical analysis highlighted the % overlap (in yellow 
color) between the experimental data and the proteins indexed in the 
“Reactome” as being part of the as the most significant signaling 
pathways associated with “platelets aggregation”, “GPVI‒mediated 
activated cascade”, “thrombin signaling through proteinase activated 
receptors (PAR)”, “response to elevated platelet cytosolic Ca2+) and 
“signaling amplification) (p<0.05, using the “Reactome” algorithms). 
The statistically significant FDR scores validate the new developed 
LFQ proteomic profiling of “thrombin‒activated” platelets as a robust 
assay for monitoring the proteomic landscape associated with platelets 
activation, signaling, degranulation and aggregation. Details of the 
bioinformatics analysis for the selected proteomics data are presented 
in the Supplementary Table 3.

Details of the bioinformatics analysis for the selected proteomics 
data are presented in the Supplementary Tables 2‒4. One of the 
most important outcomes of the combined bioinformatics and 
systems biology approaches was reflected in the discovery of more 
than 50% overlap between the known and reported biomarkers of 
platelets degranulation and our experimental proteomic set describing 
the “thrombin‒activated” platelets. Proteins IDs having >95% 
probability assigned by the Prophet algorithm in Scaffold (shown 
in the Supplementary Table 2) were used for gene ontology (GO) 
assignment and their associated cellular pathways by employing 
the “Reactome”. Critical biomarkers like “von Willebrand factor”, 
“thrombospndin‒1”, SPARC, “coagulation factors V and XIII‒a”, 
“platelet glycoprotein V”, “platelet factor IV”, “fibrinogen‒alpha 
chain”, among many others shown in the Supplementary Tables 2‒4 
and assigned by all platelet databases to be part of the degranulation 
of alpha‒granules pathway, were retrieved with very high confidence 
and low protein FDR (<1.0 %) by our new developed LFQ proteomics 
assay. Representative views of proteins known to be released from the 
alpha‒granules during platelets activation are displayed in Figure 9 
Representative views of proteins known to be released from the alpha‒
granules during platelets activation,1‒6 and their sequence coverage 
as reported by the Scaffold analysis (Proteome Software Inc.). In 
yellow are displayed the sequenced peptides while in green the amino 
acids with PTMs from each protein, used to calculate the sequence 
coverage. Additional proteins mapped to the alpha‒degranulation 
pathway are reported in the Supplementary Tables 2‒4.

Together with their sequence coverage as reported by the Scaffold 
analysis (Proteome Software Inc.). Additional proteins mapped to the 
alpha‒degranulation pathway are reported in the Supplementary Tables 
2‒4. Complementary to the analysis employed by “Reactome” the 
proteome of “thrombin‒activated platelets” was screened for overlap 
with the proteins indexed by the “Exocarta” database (http://exocarta.
org/) which complies the extended “exosomes and extracellular 
vesicles” derived platelets proteins. Bioinformatics analysis for the 
whole proteomes of “resting” and “thrombin‒activated” platelets by 
comparison with the reported proteomes derived from ectosomes, 

exosomes, microvesicles and other extracellular vesicles compiled 
in the “vesiclepedia” database is shown in the Figures 10‒13. This 
analysis showed that the proteome of “thrombin‒activated” platelets 
exhibits significant increase in the cellular compartments defining 
the platelet derived ectosomes, exosomes and microvesicles proteins 
(Figure 10A). Using the “Funrich” (functional enrichment) algorithm 
provided by the “exocarta” it was determined that about 58% of 
the total proteome of the “activated‒thrombin” platelets contain 
proteins derived from the exosomal vesicles (Figure 10A). Moreover, 
the “Funrich” analysis established that the “thrombin‒activated” 
platelet proteome was characterized by an increase expression of 
molecules involved in the signal transduction, cell communication, 
protein metabolism and energetic pathways, proportional with the 
involvement in the activation of platelets, cell signaling mediating the 
aggregation and degranulation (Figure 10B). Bioinformatics analysis 
for the whole proteomes of “resting” and “thrombin‒activated” 
platelets by comparison with the reported proteomes derived from 
ectosomes, exosomes, microvesicles and other extracellular vesicles 
compiled in the “vesiclepedia” database. Proteins IDs compiled in the 
Supplementary Table 1 & 2 were used to assign the gene ontology (GO) 
and the associated cellular locations and biological processes using 
the “Exocarta” database (http://exocarta.org/) containing the curated 
“vesiclepedia” proteomes. (A) About 58% of the total proteome 
of the “activated‒thrombin” platelets contain proteins derived 
from the exosomal vesicles. (B) The proteome of the “thrombin‒
activated” platelets is characterized by increased expression of 
molecules involved in the signal transduction, cell communication, 
protein metabolism and energetic pathways, proportional with the 
involvement in the activation of platelets, cell signaling mediating the 
aggregation and degranulation. Details of the bioinformatics analysis 
for the selected proteomics data are presented in the Supplementary 
Table 3.

Details for the “Exocarta” bioinformatics analysis for the 
selected proteomics data are presented in the Supplementary Table 
3. The venn diagram presented in Figure 11 Bioinformatics analysis 
for the whole proteomes of “resting” and “thrombin‒activated” 
platelets by comparison with the reported proteomes derived from 
ectosomes, exosomes, microvesicles and other extracellular vesicles 
compiled in the “vesiclepedia” database. Proteins IDs compiled in the 
Supplementary Table 1 & 2 were used to assign the gene ontology 
(GO) and the associated cellular pathways using the “Exocarta” 
database (http://exocarta.org/) containing the curated “vesiclepedia” 
proteomes. The “Exocarta” analysis retrieved the overlapped 
proteomes with the “vesiclepedia” database by using selected 
parameters (shown to the right panel) for searching the presence of 
proteins derived from the microvesicles and exosomes released during 
platelet degranulation. False discovery rates (FDR) of less than 0.001 
were retrieved for the proteins classified by the “Exocarta” database 
in the “platelets activation, signaling and aggregation”, “integrin‒
mediated cellular signaling” and “thrombin‒activated protease 
(PAR) receptors pathways” (details in the Supplementary Table 3). 
Details of the bioinformatics analysis for the selected proteomics 
data are presented in the Supplementary Table 3. Further displays the 
enrichment of platelet derived ectosomes, exosomes, microvesicles 
proteins in the “thrombin‒activated platelets” proteomic data by 
comparison with the “vesiclepedia” proteomes provided by Exocarta 
database. The “Exocarta” analysis retrieved the overlapped proteomes 
with the “vesiclepedia” database by using the selected parameters 
(shown to the right panel, Figure 11). False discovery rates (FDR) 
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of less than 0.001 were retrieved for the proteins classified by the 
“Exocarta” database in the “platelets activation, signaling and 
aggregation”, “integrin‒mediated cellular signaling” and “thrombin‒
activated protease (PAR) receptors pathways” (see details in the 
Supplementary Table 3). 

Figure 7 The proteome of “thrombin‒activated platelets” exhibits significant 
increase in the platelet derived proteins involved in the maintenance of 
hemostasis, platelets activation, signaling, aggregation, degranulation and 
response to elevated platelet cytosolic Ca2+ pathways.

Figure 8 The proteome of “thrombin‒activated platelets” exhibits significant 
increase in the platelet derived proteins involved in the activation, signaling, 
aggregation and degranulation mediated by the GPVI and PAR receptors 
pathways.

Figure 9 The proteome of “thrombin‒activated platelets” exhibits significant 
increase expression in the proteins released from the platelets alpha‒granules, 
mediating the activation, signaling, and aggregation.

Figure 10 The proteome of “thrombin‒activated platelets” exhibits significant 
increase in the platelet derived ectosomes, exosomes and microvesicles 
proteins.

In addition to mapping the cellular location the “Exocarta” 
and the functional enrichment analysis performed with “Funrich” 
revealed that the proteome of “thrombin‒activated platelets” 
exhibited significant increase in the platelet activation, signaling, 
aggregation and degranulation pathways. Bioinformatics analysis 
for the whole proteomes of “thrombin‒activated” platelets (Figure 
12). Bioinformatics analysis for the whole proteomes of “thrombin‒
activated” platelets. Proteins IDs compiled in the Supplementary Table 
1 & 2 were used to assign the gene ontology (GO) and the associated 
cellular pathways using the “Exocarta” database (http://exocarta.org/). 
The “Exocarta” analysis retrieved the “platelets activation, signaling 
and aggregation” and “platelet degranulation” as the most significant 
pathways associated with the “thrombin‒activated” platelets 
(p<0.001) for the gene entities, calculated by the statistics employed 
in the “Exocarta” database (left panel). An enriched protein‒protein 
interaction network displays the main gene‒protein players involved 
in the regulation of platelets activation, aggregation and degranulation 
(right panel). Details of the bioinformatics analysis for the selected 
proteomics data are presented in the Supplementary Table 3.
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Figure 11 The proteome of “thrombin‒activated platelets” exhibits significant increase in the platelet derived ectosomes, exosomes, microvesicles proteins.

Figure 12 The proteome of “thrombin‒activated platelets” exhibits significant increase in the platelet activation, signaling, aggregation and degranulation 
pathways.

The “Exocarta” analysis retrieved the “platelets activation, 
signaling and aggregation” and “platelet degranulation” as the most 
significant pathways associated with the “thrombin‒activated” 
platelets (p<0.001) for the gene entities, calculated by the statistics 
employed in the “Exocarta” database left panel, Figure 12. These 
data further confirmed the analysis previously performed with the 
“Reactome” database. An enriched protein‒protein interaction 
network displays the main gene‒protein players involved in the 
regulation of platelets activation, aggregation and degranulation 
(right panel Figure 11). Moreover the “Exocarta” and “Funrich” 
analyses highlighted enrichment in “platelets activation, signaling and 
aggregation”, “thrombin/protease‒activated receptor (PAR)” PAR‒1 
mediated thrombin signaling” and “integrins and proteoglycan‒
mediated signaling” pathways (Figure 13A). A detailed analysis for 
the platelets‒derived proteins present in the proteomes of “resting” and 
“thrombin‒activated” platelets are displayed in the Scaffold analysis 

(from Proteome Software Inc.) in Figure 13B. Exocarta database and 
Scaffold software were used to conduct the bioinformatics analysis of 
the whole proteomes of “resting” and “thrombin‒activated” platelets. 
(A) Proteins IDs compiled in the Supplementary Table 1 & 2 were 
used to assign the gene ontology (GO) and the associated cellular 
pathways using the “Exocarta” database (http://exocarta.org/). The 
“Exocarta” analysis retrieved the “platelets activation, signaling and 
aggregation”, “thrombin/protease‒activated receptor (PAR)” PAR‒1 
mediated thrombin signaling” and “integrins and proteoglycan‒
mediated signaling” as leading pathways, having significant % of 
gene entities (>5%) involved in the thrombin‒mediated signaling in 
the activated platelets. (B) Detailed analysis for the platelets‒derived 
proteins identified in the proteomes of “resting” and “thrombin‒
activated” platelets displayed by the Scaffold analysis (from Proteome 
Software Inc.). The final quantitative profiles associated with each 
sample are displayed as arrows, where red represents the down‒
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regulated and green is the up‒regulated trend calculated for each 
protein which passed the statistical significance threshold (p<0.05, 
by Fisher exact test). An enriched platelet derived glycoproteins view 
shows that the new developed nano LC/MS/MS assay retrieved 13 
major platelets glycoproteins out of which three, i.e. PLF4, GP1BB 

and GP5, have significant increased fold change (>1.9, and p<0.05) 
in the “thrombin‒activated” vs the “resting” platelets. Details of the 
bioinformatics analysis for the selected proteomics data are presented 
in the Supplementary Table 2 & 3.

Figure 13 The proteome of “thrombin‒activated platelets” exhibits significant increase in the integrin‒and PAR1‒mediated signaling pathways and associated 
platelets glycoproteins and receptors.

The label‒free analysis data from three independent biological 
samples (control vs thrombin‒treated platelets) were exported from 
PEAKS 8.5 (Bioinformatics Solutions Inc.) into Scaffold where they 
were combined as one biological sample each using the “MudPit” 
built‒in option and were further re‒analyzed for the peptide and protein 
probabilities using the Prophet algorithm (see details in the methods 
section). The proteins having more than 95% probabilities were used 
to perform a label‒free analysis for the associated fold changes, 
using the normalized weighted spectral counts (MS/MS level). The 
Scaffold rescaled the protein ratios values using a log2 transformation, 
such that positive values reflected fold increases (in green) while the 
negative values reflected fold decreases (red). The final quantitative 
profile associated with each sample are displayed as arrows, where 
red represents the down‒regulated and green is the up‒regulated trend 
calculated for each protein which passed the statistical significance 
threshold (p<0.05, by Fisher exact test). An enriched platelet derived 
glycoproteins view shows that the new developed nano LC/MS/MS 
assay retrieved 13 major platelets glycoproteins out of the total 924 
proteins having more than >95% identification probability, out of 
which three, i.e. PLF4, GP1BB and GP5, had significant increased 
fold change (>1.9, and p<0.05) in the “thrombin‒activated” vs the 
“resting” platelets. Details of the bioinformatics analysis for the 
selected proteomics data are presented in the Supplementary Table 
2 & 3. We can argue with confidence that the bioinformatics analysis 
provided by the “Reactome” and the “Exocarta” together with the 
statistically significant FDR scores calculated for the “platelets 

activation, aggregation and degranulation” pathways, validate the our 
new developed LFQ platelets proteomic profiling as a robust assay for 
monitoring the proteomic landscape associated with platelets inter‒
and intra‒cellular signaling during degranulation and aggregation. 

A further in dept bioinformatics analysis of the cellular pathways 
and molecular functions in the proteome of “thrombin‒activated 
platelets” was performed using a quantitative method employing 
the ingenuity analysis pathway (IPA, Quigen), described by our lab 
elsewhere.59‒61 The samples were uploaded into the IPA application 
together with their rescaled log2 transformation of protein’s 
MS2 normalized weighted spectral counts ratios imported from 
Scaffold and per SPECtives software (Proteome Software Inc.). 
The probability of having a relationship between each IPA indexed 
biological function and the experimentally determined genes 
was calculated by a right‒tailed Fisher’s exact test. The level of 
significance was set to a “p‒value” of <0.05. Accordingly, the IPA 
analysis identified the molecular and cellular pathways from the IPA 
library of canonical pathways that were most significant to the dataset 
(Figure 14). Ingenuity Pathway Analysis (IPA) (Qiagen) predicted 
the up‒regulated (red) or downregulated (green) pathways in the 
“thrombin‒activated” vs “resting” platelets using the experimentally 
determined protein ratios, quantified using ≥ 1 peptides/protein, and 
their associated fold changes, after rescaling their values using a log2 
transformation, such that positive values reflected fold increases 
while the negative values reflected fold decreases. The samples were 

https://doi.org/10.15406/mojpb.2018.07.00242

http://medcraveonline.com/MOJPB/MOJPB-07-00242S2.xls
http://medcraveonline.com/MOJPB/MOJPB-07-00242S2.xls
http://medcraveonline.com/MOJPB/MOJPB-07-00242S2.xls


Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape 
of thrombin‒activated human platelets

248
Copyright:

©2018 Gonzalez et al.

Citation: Gonzalez J, Babinska A, Ewul ELV, et al. Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape of 
thrombin‒activated human platelets. MOJ Proteomics Bioinform. 2018;7(4):232‒255. DOI: 10.15406/mojpb.2018.07.00242

uploaded into the IPA application together with their rescaled log2 
transformation of protein’s MS2 normalized weighted spectral counts 
ratios imported from Scaffold and per SPECtives software (Proteome 
Software Inc.). The probability of having a relationship between each 
IPA indexed biological function and the experimentally determined 
genes was calculated by a right‒tailed Fisher’s exact test. The level 
of significance was set to a “p‒value” of <0.05. The graph shows the 
% overlap between the experimentally identified gene entities and the 
“knowledge” database provided by IPA displayed on x‒axis and the 
total number of gene entities assigned by IPA to each pathway on top 
of each bar histogram. Accordingly, the IPA analysis identified the 
molecular and cellular pathways from the IPA library of canonical 
pathways that were most significant to the dataset (‒log (p value)>2.0; 
in yellow on the graph). Details of the bioinformatics analysis for the 
selected proteomics data are presented in the Supplementary Table 4.

The IPA predicted up‒regulation (red) or down regulation 
(green) of each pathway in the “thrombin‒activated” vs “resting” 
platelets was based on the experimentally determined protein ratios, 
quantified using≥1 peptides/protein. The fold changes values for 
each protein were rescaled in IPA using a log2 transformation, such 
that positive values reflected fold increase while the negative values 
reflected fold decrease in the expression profiles. The proteome of 
“thrombin‒activated platelets” was predicted by IPA to exhibit 
significant increase in the integrin‒and PAR‒mediated signaling 
and changes in the cell motility mediated by cytoskeleton, RhoA 
and Rho‒GTP‒ase pathways (p<0.05, by Fisher exact test) (Figure 
14 and Supplementary Table 4). In addition, IPA analysis further 
perform a functional enrichment for the proteomes and retrieved 
with high confidence cellular and molecular functions mediating the 
“aggregation of platelets” in the proteome of “thrombin‒activated” as 
compared with the “resting” platelets Figure 15. Thus, the quantitative 
analysis of protein expression profiles associated with a wide 
landscape of cellular functions was performed in IPA which assigned 
a “z‒score” function to all eligible canonical and cellular pathways. 
A “z<‒2 (in blue) represents significant down‒regulation while a 
z>2.0 (in orange) represents a significant up‒regulation of selected 
pathways. Cellular functions describing the “cell to cell signaling and 
interaction”, “immune cell trafficking”, “cellular movement” were 
mapped to be enriched in the proteome of the “thrombin‒activated” 
platelets (Figure 15A). An enriched protein network exhibiting 
the up‒regulation of “platelets aggregation” (z score of +5.1, in 
orange) was predicted by IPA to be the major network describing 
the cellular functions associated “cellular movement” and “cell to 
cell signaling” (Figure 15B and Supplementary Table 4). Detailed 
IPA analysis was extended to the main pathway which mediates the 
thrombin‒activated platelets aggregation pathway, i.e. the integrin‒
and PAR1‒mediated signaling, predicted to be up‒regulated in the 
activated platelets (Figure 16A & Table 1). (A) The quantitative 
analysis of the protein expression profiles associated with a wide 
landscape of cellular functions was performed in IPA which assigned 
a “z‒score” function to all eligible canonical and cellular pathways. 
A “z<‒2 (in blue) represents significant down‒regulation while a 
z>2.0 (in orange) represents a significant up‒regulation of selected 
pathways. Cellular functions describing the “cell to cell signaling and 
interaction”, “immune cell trafficking”, “cellular movement” were 
mapped to describe the proteins in the proteome of the “thrombin‒
activated” platelets. (B) An enriched protein network exhibiting the 
up‒regulation of “platelets aggregation” (z score of +5.1, in orange) 
was predicted by IPA to be the major network describing the cellular 

functions associated “cellular movement” and “cell to cell signaling”. 
Details of the bioinformatics analysis for the selected proteomics data 
are presented in the Supplementary Table 4. 52 proteins identified in 
the proteome of “thrombin‒activated” platelets are matched with the 
integrin signaling pathway by the knowledge database in IPA (Table 1). 
The IPA rescaled the protein ratios values using a log2 transformation, 
such that positive values reflected fold increases (shown as “Up or red 
color”) while the negative values reflected fold decreases (shown as 
“Down or green color”) as displayed in Table 1 and Figure 16A. The 
integrin signaling pathway has the assigned “activation z‒score” of 
“+5.28” (see details in Supplementary Table 4). An enhanced integrin 
glycoproteins view highlights that the new developed nano LC/MS/
MS assay retrieved 6 major platelets integrins out of the total 924 
identified proteins with >95% identification probability, out of which 
one, i.e. ITA2B, has significant increased fold change=2.4, p<0.05) in 
the “thrombin‒activated” vs the “resting” platelets. All the identified 
integrins were characterized by at least 2.4 increased fold change in the 
“thrombin‒activated” vs “resting” platelets. (Figure 16B, Table 1 and 
Supplementary Tables 2 & 4). (A) IPA predicted the up‒regulation of 
“integrin‒mediated signaling”, which is a major canonical path way 
regulated in the thrombin‒activated platelets. The canonical pathway 
is displayed by IPA using the experimentally determined protein 
ratios, quantified using ≥1 peptides/protein, and their associated 
fold changes, shown as “Experiment Log (protein ratio”). The IPA 
rescaled the protein ratios values using a log2 transformation, such 
that positive values reflected fold increases (in red) while the negative 
values reflected fold decreases (green). The integrin signaling 
pathway has IPA assigned “activation z‒scores”>2.0. (B) A zoomed 
integrin glycoproteins view displayed by Scaffold analysis shows that 
the new developed nanoLC/MS/MS assay retrieved 6 major platelets 
glycoproteins out of the total 924 identified proteins with >95% 
identification probability, out of which one, i.e. ITA2B, has significant 
increased fold change=2.4, p<0.05) in the “thrombin‒activated” vs 
the “resting” platelets. All the identified integrins were characterized 
by at least 2.4 increase fold change in the “thrombin‒activated” vs 
“resting” platelets. The proteins involved in the integrin signaling 
pathways and their associated fold changes are displayed in the Table 
1. Details of the bioinformatics analysis for the selected proteomics 
data are presented in the Supplementary Tables 2 & 4.

Figure 14 The proteome of “thrombin‒activated platelets” exhibits significant 
increase in the integrin‒and PAR1‒mediated signaling and changes in the cell 
motility mediated by cytoskeleton, RhoA and Rho‒GTP‒ase pathways.
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A further bioinformatics analysis revealed that the proteome of 
“thrombin‒activated platelets” exhibits significant increase in the 
tyrosine and serine/threonine kinase mediated cellular signaling 
(Figures 17). Detailed analysis for the kinase protein family present 
in the proteomes of “resting” and “thrombin‒activated” platelets 
were performed in Scaffold (from Proteome Software Inc.). The 
proteins having more than 95% identification probability were used 
to perform a label‒free analysis for the associated fold changes, 
using the normalized weighted spectral counts (MS/MS level), 
as described previously for other proteins displayed in Figure 13. 
A zoomed view displaying 11 out of 42 kinases identified in our 
proteomic set is displayed in Figure 17, Detailed analysis for the 
kinase protein family present in the proteomes of “resting” and 
“thrombin‒activated” platelets are displayed in the Scaffold analysis 
(from Proteome Software Inc.). The proteins having more than 95% 
identification probability were used to perform a label‒free analysis 
for the associated fold changes, using the normalized weighted spectral 
counts (MS/MS level). The final quantitative profile associated with 
each sample are displayed as arrows, where red represents the down‒
regulated and green is the up‒regulated trend calculated for each 
protein which passed the statistical significance threshold (p<0.05, 
by Fisher exact test). An enhanced view displaying 11 out of 42 
identified kinases shows that most of the identified protein kinases 
exhibited more than two‒fold increase in their expression profiles in 
the “thrombin‒activated” vs “resting” platelets. The Scaffold rescaled 
the protein ratios values using a log2 transformation, such that positive 
values reflected fold increases (in green) while the negative values 
reflected fold decreases (red). Details of the bioinformatics analysis 
for the selected proteomics data are presented in the Supplementary 
Table 2 and methods section. showing that these proteins had more 
than two‒fold increase in their expression profiles in the “thrombin‒
activated” vs “resting” platelets. We recovered a high overlap of 
proteins members with the kinome family reported already by other 
proteomic analyses,20‒30 that are also indexed in many other research 
studies related to the proteomic profiling of agonists activated platelets, 
such as the “Adhesome” and “Platelet Web” databases, as described 
later in the results section. Other major pathways predicted by IPA 
to be up‒regulated in the proteome of “thrombin‒activated platelets” 
were mapped to the cytoskeleton, actin and RhoA mediated cellular 
signaling (Figure 18). Ingenuity Pathway Analysis (IPA) predicted 
the up‒regulation of “actin and cytoskeleton mediated signaling” in 
(A) and “RhoA mediated cytoskeleton signaling and cell motility” 
(in B), which are major canonical pathways regulated by thrombin 
activation in platelets. The canonical pathways are displayed by IPA 
using the experimentally determined protein ratios, quantified using 
≥1 peptides/protein, and their associated fold changes. There is at 
least 21% overlap between the experimentally identified gene entities 
in the whole proteome of the platelets and the knowledge‒based IPA 
database. The IPA rescaled the protein ratios values (derived from 
MS1 or MS2 LFQ analysis) using a log2 transformation, such that 
positive values reflected fold increases (in red) while the negative 
values reflected fold decreases (green) (see methods for details). Both 
pathways have IPA assigned “activation z‒scores” >2.0, as shown 
in the Table 2 and Supplementary Table 4. 47proteins identified in 
the proteome of “thrombin‒activated” platelets are matched with 
the actin cytoskeleton signaling pathway by the knowledge database 
in IPA, as shown in Table 2. The cytoskeleton signaling pathway 
the assigned an “activation z‒score” of “+5.94” (see details in 
Supplementary Table 4). An independent systems biology approach 
aimed to validate the molecular functions and the cellular pathways in 

the “thrombin‒activated” vs “resting” platelets employed the Platelet 
Web” (http://plateletweb.bioapps.biozentrum.uni‒wuerzburg.de/
plateletweb.php) database, shown in Figure 19. “PlateletWeb” (http://
plateletweb.bioapps.biozentrum.uni‒wuerzburg.de/plateletweb.php) 
database was used to conduct the bioinformatics analysis of the whole 
proteome from the “thrombin‒activated” platelets. More than 70% 
of the proteins identified in the “thrombin‒activated platelets” are 
overlapped with signaling networks comprised of kinases, proteases, 
phosphatases, integrins and platelets derived glycoproteins, curated 
in the system biology networks at the Platelet Web database. Details 
of the bioinformatics analysis for the selected proteomics data are 
presented in the Supplementary Table 4.

Figure 15 The proteome of “thrombin‒activated platelets” is enriched in 
proteins network associated with cellular and molecular functions mediating 
the “aggregation of platelets”.

It was found that more than 70% of the proteins identified in the 
“thrombin‒activated platelets” are overlapped with signaling networks 
comprised of kinases, proteases, phosphatases, integrins, adhesion 
receptors mediating the cellular signaling and platelets derived 
glycoproteins curated in the system biology networks at the Platelet 
Web database (see details in the Supplementary Table 4 where an 
independent network related to the integrin ITA2B is also displayed). 
In addition, the Platelet Web systems biology approach highlighted 
the proteome of “thrombin‒activated platelets” exhibits significant 
increase in the number of “cluster of differentiation” (CD) adhesion 
receptors mediating the cellular adhesion and platelets aggregation 
(Figure 20 and Supplementary Tables 2‒4). “Platelet Web” (http://
plateletweb.bioapps.biozentrum.uni‒wuerzburg.de/plateletweb.
php) database was used to conduct the bioinformatics analysis of the 
whole proteome from the “thrombin‒activated” platelets. (A‒C) The 
“Platelet Web” systems biology retrieved the molecular interactions 
and the networks describing the protein‒protein interactions regulating 
the CD9, CD226 and CD36 interactions, reportedly to mediate the 
platelets adhesion and aggregation when activated by thrombin.5‒10 
(D) Detailed analysis for the platelets‒derived “CD” proteins present 
in the proteomes of “resting” and “thrombin‒activated” platelets 
displayed in the Scaffold analysis (from Proteome Software Inc.). The 
final quantitative profiles associated with each sample are displayed as 
arrows, where red represents the down‒regulated and green is the up‒
regulated trend calculated for each protein which passed the statistical 
significance threshold (p<0.05, by Fisher exact test). Details of the 
bioinformatics analysis for the selected proteomics data are presented 
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in the Supplementary Tables 2‒4. The “Platelet Web” systems biology 
retrieved the molecular interactions and the networks describing 
the protein‒protein interactions regulating the CD9, CD226 and 

CD36 interactions, reportedly to mediate the platelets adhesion and 
aggregation when activated by thrombin.5‒10 

Figure 16 The proteome of “thrombin‒activated platelets” exhibits significant increase in the integrin‒and PAR1‒mediated signaling.

Figure 17 The proteome of “thrombin‒activated platelets” exhibits significant increase in the kinase mediated cellular signaling.
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Figure 18 The proteome of “thrombin‒activated platelets” exhibits significant increase in the cytoskeleton, actin and RhoA mediated cellular signaling.

Figure 19 The proteome of “thrombin‒activated platelets” exhibits significant increase in the number of kinases, phosphatases, proteases and adhesion 
receptors mediating the cellular signaling.

https://doi.org/10.15406/mojpb.2018.07.00242



Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape 
of thrombin‒activated human platelets

252
Copyright:

©2018 Gonzalez et al.

Citation: Gonzalez J, Babinska A, Ewul ELV, et al. Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape of 
thrombin‒activated human platelets. MOJ Proteomics Bioinform. 2018;7(4):232‒255. DOI: 10.15406/mojpb.2018.07.00242

As have been already proved by the other bioinformatics 
approaches described above, the high % of overlap between the 
experimentally identified proteins and the platelets signaling networks 
provided by the Platelet Web, complemented by their functional 
annotations in the “platelets activation and signaling” pathways 
validate the new developed LFQ platelets proteomic profiling as a 
robust assay for monitoring the proteomic landscape associated with 
the activation of inter‒and intra‒cellular signaling pathways during 
platelets degranulation and aggregation. A final bioinformatics 
approach used the “Adhesome” database which is a curated library 
of proteins and receptors involved in cell‒cell communication and 
adhesion, signaling and protein‒protein interactions involving 
integrins and many kinase family members (http://www.adhesome.
org/). Proteins IDs compiled in the Supplementary Table 1 & 2 were 
used to assign the gene ontology (GO) and the associated cellular 
pathways using the “Adhesome” database. The “Funrich” functional 
enrichment program provided by “Exocarta” was used to generate 
the overlap between the biological pathways in the “adhesome” 
and the proteins identified in the “thrombin‒activated” platelets. 
A statistical significance test was applied to assess the significance 
of the overlap between the experimental proteomic data set and the 
proteins indexed in the “Adhesome”, where a p‒value of <0.001 was 
categorized to be significant for the overlap. The “Adhesome” and 
“Funrich” analyses showed that the proteome of “thrombin‒activated 
platelets” exhibits significant increase in the integrin, proteoglycan/
syndecan, plasma membrane receptors, VEGFR mediated signaling 
and glycoproteins and receptors associated with the cell signaling 
pathways (Figure 21A). As shown in Figure 21B, the 51 proteins from 

the experimental proteomic dataset overlapped with the proteome 
indexed in the “Adhesome”, which correspond to about 22% from the 
reported adhesion receptors and adaptors proteins, intrinsic proteins 
and kinases involved in “integrin cell surface interactions”, “TRAIL 
mediated signaling” and “integrins and proteoglycan‒mediated 
signaling” pathways. The gene symbols describing the 51 protein 
entities are functional annotated and presented in the Supplementary 
Table 4. “Adhesome” database was used to conduct the bioinformatics 
analysis of the whole proteome “thrombin‒activated” platelets. (A) 
Proteins IDs compiled in the Supplementary Table 1 & 2 were used to 
assign the gene ontology (GO) and the associated cellular pathways 
using the “Adhesome” database (http://www.adhesome.org/). The 
“Funrich” functional enrichment program provided by “Exocarta” 
was used to generate the overlap between the biological pathways in 
the “adhesome” the proteins identified in the “thrombin‒activated” 
platelets. A statistical significance test was applied was applied to 
assess the significance of the overlap between the experimental 
proteomic data set and the proteins indexed in the “Adhesome”, 
where a p‒value of <0.001 was categorized to be significant for the 
overlap. (B) 51 proteins from the experimental proteomic dataset 
overlapped with the proteome indexed in the “Adhesome”, which 
correspond to about 22% from the reported adhesion receptors and 
adaptors proteins, intrinsic proteins and kinases involved in “integrin 
cell surface interactions”, “TRAIL mediated signaling” and “integrins 
and proteoglycan‒mediated signaling” pathways. The gene symbols 
describing the 51 protein entities are functional annotated and 
presented in the Supplementary Table 4.

Figure 20 The proteome of “thrombin‒activated platelets” exhibits significant increase in the number of “cluster of differentiation” (CD) adhesion receptors 
mediating the cellular adhesion and paltelets aggregation.
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Figure 21 The proteome of “thrombin‒activated platelets” exhibits significant increase in the integrin, proteoglycan/syndecan, plasma membrane receptors, 
VEGFR mediated signaling and glycoproteins and receptors associated with the cell signaling pathways.

Conclusion
The research presented herein employed a simple nano LC‒ESI/

MS/MS sequencing of peptides derived from the “in solution,” one 
step digestion of the whole proteomes of “resting” and “thrombin‒
activated” platelets, extracted by a single‒one step solubilization 
procedure using denaturing reagents. We successfully employed a 
method for platelets lysis in absence of any detergent, i.e. a cryogenic 
lysis in liquid nitrogen, followed by protein solubilization under 
denaturant conditions (in 50mM ammonium bicarbonate buffer, pH 
8.5 with 8Murea) that enabled the solubilization of key membrane‒
bound proteins, in addition to the cytosolic and organelles‒derived 
proteins secreted in the microparticles and found in the platelets 
releasates during thrombin activation. The new, developed assay 
employed the nano LC‒ESI/MS/MS sequencing of peptides derived 
from the “in solution,” one step digestion of the whole platelets 
proteomes by means of three enzymes (tryptic/Lys‒C/Glu‒C), and a 
Q‒Exactive quadrupole orbitrap mass spectrometer coupled with the 
label free quantification (LFQ) analysis. The changes in the proteomic 
landscapes were qualitatively and quantitatively analyzed using 
a combination of systems biology and bioinformatics approaches 
empowered by the ingenuity pathway analysis (IPA) and screening of 
the identified proteins and genes entities against the curated databases 
containing the platelets proteomes, including the “Adhesome”, 
“Exocarta,” “Reactome,” and “Platelet Web”. We were able to cover 
more than 17% (corresponding to 924 total proteins), from the up‒to 
date reported proteome of human platelets under resting or agonist‒
activated conditions. The changes in the proteomic landscapes were 
qualitatively and quantitatively analyzed using a combination of 
systems biology and bioinformatics approaches empowered by the 
ingenuity pathway analysis (IPA) and screening of the identified 
proteins and genes entities against the curated databases containing 
the platelets proteomes, including the “Adhesome,” “Exocarta,” 
“Reactome,” and “Platelet Web.” The high, >50% overlap between the 
experimentally identified proteins and the platelets signaling networks 
provided by the databases indexing the platelets proteomes validated 

the new developed LFQ proteomic profiling as a robust assay for 
monitoring the proteomic landscape associated with platelets inter‒
and intra‒cellular signaling during degranulation and aggregation. 
The outcome of the employed systems biology approaches further 
advocates for the implementation of our LFQ proteomics assay in 
clinical labs focused on understanding platelets’ response to thrombin 
activation under pathophysiological circumstances, especially when 
potent thrombin inhibitors and novel therapies are investigated for 
the treatment of inflammatory thrombosis, heart attack, stroke, and 
other complications of ACS syndrome heavily or partly mediated by 
platelets aggregation.

Acknowledgements
Support for this project was provided by the CUNY Research 

Scholars Program, which is funded by The City University of New 
York and the New York City Mayor’s Office.

Conflict of Interest
The authors declared that there is no conflict of Interest.

References
1.	Garmo C, Burns B. Physiology, Clotting Mechanism. Island; 2018.

2.	Scully D, Naseem KM, Matsakas A. Platelet biology in regenerative 
medicine of skeletal muscle. Acta Physiol (Oxf). 2018;223(3):e13071.

3.	Becker RC, Sexton T, Smyth SS. Translational Implications of Platelets 
as Vascular First Responders. Circ Res. 2018;122(3):506‒522.

4.	Kleiman NS, Freedman JE, Tracy PB, et al. Platelets: developmental 
biology, physiology, and translatable platforms for preclinical 
investigation and drug development. Platelets. 2008;19(4):239‒251.

5.	Paul M, Hemshekhar M, Thushara RM, et al. Methotrexate Promotes 
Platelet Apoptosis via JNK‒Mediated Mitochondrial Damage: 
Alleviation by N‒Acetylcysteine and N‒Acetylcysteine Amide. PLoS 
One. 2015;10(6):e0127558.

https://doi.org/10.15406/mojpb.2018.07.00242

https://www.ncbi.nlm.nih.gov/pubmed/29633517
https://www.ncbi.nlm.nih.gov/pubmed/29633517
https://www.ncbi.nlm.nih.gov/pubmed/29420211
https://www.ncbi.nlm.nih.gov/pubmed/29420211
https://www.ncbi.nlm.nih.gov/pubmed/18569859
https://www.ncbi.nlm.nih.gov/pubmed/18569859
https://www.ncbi.nlm.nih.gov/pubmed/18569859
http://journals.plos.org/plosone/article?id=10.1371/journal.pone.0127558
http://journals.plos.org/plosone/article?id=10.1371/journal.pone.0127558
http://journals.plos.org/plosone/article?id=10.1371/journal.pone.0127558
http://journals.plos.org/plosone/article?id=10.1371/journal.pone.0127558


Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape 
of thrombin‒activated human platelets

254
Copyright:

©2018 Gonzalez et al.

Citation: Gonzalez J, Babinska A, Ewul ELV, et al. Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape of 
thrombin‒activated human platelets. MOJ Proteomics Bioinform. 2018;7(4):232‒255. DOI: 10.15406/mojpb.2018.07.00242

6.	Łukasik ZM, Makowski M, Makowska JS. From blood coagulation to 
innate and adaptive immunity: the role of platelets in the physiology and 
pathology of autoimmune disorders. Rheumatol Int. 2018;38(6):959‒974.

7.	Rwibasira Rudinga G, Khan GJ, Kong Y. Protease‒Activated Receptor 
4 (PAR4): A Promising Target for Antiplatelet Therapy. Int J Mol Sci. 
2018;19(2).

8.	Durrant TN, Hutchinson JL, Heesom KJ, et al. In‒depth Ptd Ins (3,4,5) 
P(3) signalosome analysis identifies DAPP1 as a negative regulator of 
GPVI‒driven platelet function. Blood Adv. 2017;1(14):918‒932.

9.	Scherlinger M, Guillotin V, Truchetet ME, et al. Systemic lupus 
erythematosus and systemic sclerosis: All roads lead to platelets. 
Autoimmun Rev. 2018;17(6):625‒635.

10.	Waters L, Padula MP, Marks DC, et al. Cryopreserved platelets 
demonstrate reduced activation responses and impaired signaling after 
agonist stimulation. Transfusion. 2017;57(12):2845‒2857.

11.	 Malchow S, Loosse C, Sickmann A, et al. Quantification of Cardiovascular 
Disease Biomarkers in Human Platelets by Targeted Mass Spectrometry. 
Proteomes. 2017;5(4).

12.	Stokhuijzen E, Koornneef JM, Nota B, et al. Differences between Platelets 
Derived from Neonatal Cord Blood and Adult Peripheral Blood Assessed 
by Mass Spectrometry. J Proteome Res. 2017;16(10):3567‒3575.

13.	Beck F, Geiger J, Gambaryan S, et al. Temporal quantitative 
phosphoproteomics of ADP stimulation reveals novel central nodes in 
platelet activation and inhibition. Blood. 2017;129(2):e1‒e12.

14.	Yadav S, Storrie B. The cellular basis of platelet secretion: Emerging 
structure/function relationships. Platelets. 2017;28(2):108‒118.

15.	Nguyen KA, Hamzeh‒Cognasse H, Laradi S, et al. Specific activation, 
signalling and secretion profiles of human platelets following PAR‒1 and 
PAR‒4 stimulation. Platelets. 2015;26(8):795‒798.

16.	Navas‒Carrillo D, Marín F, Valdés M, et al. Deciphering acute coronary 
syndrome biomarkers: High‒resolution proteomics in platelets, thrombi 
and microparticles. Crit Rev Clin Lab Sci. 2017;54(1):49‒58.

17.	Pagel O, Walter E, Jurk K, et al. Taking the stock of granule cargo: 
Platelet releasate proteomics. Platelets. 2017;28(2):119‒128.

18.	Zhang D, Qiao W, Zhao Y, et al. Curdione attenuates thrombin‒induced 
human platelet activation: β1‒tubulin as a potential therapeutic target. 
Fitoterapia. 2017;116:106‒115.

19.	Rabani V, Davani S, Gambert‒Nicot S, et al. Comparative lipidomics 
and proteomics analysis of platelet lipid rafts using different detergents. 
Platelets. 2016;27(7):634‒641.

20.	Hemshekhar M, Kemparaju K, Girish KS. Nanoparticles for Modulating 
mTOR Signaling in Platelets. Trends Biotechnol. 2016;34(11):850‒852.

21.	Kamhieh‒Milz J, Mustafa SA, Sterzer V, et al. Secretome profiling of 
apheresis platelet supernatants during routine storage via antibody‒based 
microarray. J Proteomics. 2017;150:74‒85.

22.	Wrzyszcz A, Urbaniak J, Sapa A, et al. An efficient method for isolation 
of representative and contamination‒free population of blood platelets 
for proteomic studies. Platelets. 2017;28(1):43‒53.

23.	Solari FA, Mattheij NJ, Burkhart JM, et al. Combined Quantification of 
the Global Proteome, Phosphoproteome, and Proteolytic Cleavage to 
Characterize Altered Platelet Functions in the Human Scott Syndrome. 
Mol Cell Proteomics. 2016;15(10):3154‒3169.

24.	Wood B, Padula MP, Marks DC, et al. Refrigerated storage of platelets 
initiates changes in platelet surface marker expression and localization of 
intracellular proteins. Transfusion. 2016;56(10):2548‒2559.

25.	Shah P, Yang W, Sun S, et al. Platelet glycoproteins associated with 
aspirin‒treatment upon platelet activation. Proteomics. 2017;17(6).

26.	Longo V, Rebulla P, Pupella S, et al. Proteomic characterization of 
platelet gel releasate from adult peripheral and cord blood. Proteomics 
Clin Appl. 2016;10(8):870‒882.

27.	Vélez P, Ocaranza‒Sánchez R, López‒Otero D, et al. 2D‒DIGE‒based 
proteomic analysis of intracoronary versus peripheral arterial blood 
platelets from acute myocardial infarction patients: Upregulation of 
platelet activation biomarkers at the culprit site. Proteomics Clin Appl. 
2016;10(8):851‒858.

28.	Martinez‒Pinna R, Martin‒Ventura JL, Mas S, et al. Proteomics in 
atherosclerosis. Curr Atheroscler Rep. 2008;10(3):209‒215.

29.	Didangelos A, Simper D, Monaco C, et al. Proteomics of acute coronary 
syndromes. Curr Atheroscler Rep. 2009;11(3):188‒195.

30.	Thiele T, Braune J, Dhople V, et al. Proteomic profile of platelets during 
reconstitution of platelet counts after apheresis. Proteomics Clin Appl. 
2016;10(8):831‒838.

31.	García Á. Platelet clinical proteomics: Facts, challenges, and future 
perspectives. Proteomics Clin Appl. 2016;10(8):767‒773.

32.	Zufferey A, Ibberson M, Reny JL, et al. New molecular insights into 
modulation of platelet reactivity in aspirin‒treated patients using a 
network‒based approach. Hum Genet. 2016;135(4):403‒414.

33.	Zhang HW, Zhou P, Wang KZ, et al. Platelet proteomics in diagnostic 
differentiation of primary immune thrombocytopenia using SELDI‒
TOF‒MS. Clin Chim Acta. 2016;455:75‒79.

34.	Niki M, Nayak MK, Jin H, et al. Dok‒1 negatively regulates platelet 
integrin αIIbβ3 outside‒in signalling and inhibits thrombosis in mice. 
Thromb Haemost. 2016;115(5):969‒978.

35.	Chakrabarti A, Halder S, Karmakar S. Erythrocyte and platelet proteomics 
in hematological disorders. Proteomics Clin Appl. 2016;10(4):403‒414.

36.	Yue M, Luo D, Yu S, et al. Misshapen/NIK‒related kinase (MINK1) 
is involved in platelet function, hemostasis, and thrombus formation. 
Blood. 2016;127(7):927‒937.

37.	Karmakar S, Banerjee D, Chakrabarti A. Platelet proteomics in 
thalassemia: Factors responsible for hypercoagulation. Proteomics Clin 
Appl. 2016;10(3):239‒247.

38.	Raynel S, Padula MP, Marks DC, et al. Cryopreservation alters the 
membrane and cytoskeletal protein profile of platelet microparticles. 
Transfusion. 2015;55(10):2422‒2432.

39.	Cini C, Yip C, Attard C, et al. Differences in the resting platelet proteome 
and platelet releasate between healthy children and adults. J Proteomics. 
2015;123:78‒88.

40.	Milioli M, Ibáñez‒Vea M, Sidoli S, et al. Quantitative proteomics analysis 
of platelet‒derived microparticles reveals distinct protein signatures 
when stimulated by different physiological agonists. J Proteomics. 
2015;121:56‒66.

41.	Vélez P, Izquierdo I, Rosa I, et al. A 2D‒DIGE‒based proteomic analysis 
reveals differences in the platelet releasate composition when comparing 
thrombin and collagen stimulations. Sci Rep. 2015;5:8198.

42.	Li CH, Chen C, Zhang Q, et al. Differential proteomic analysis of 
platelets suggested target‒related proteins in rabbit platelets treated with 
Rhizoma Corydalis. Pharm Biol. 2017;55(1):76‒87.

43.	Prudova A, Serrano K, Eckhard U, et al. TAILS N‒terminomics of human 
platelets reveals pervasive metalloproteinase‒dependent proteolytic 
processing in storage. Blood. 2014;124(26):49‒60.

https://doi.org/10.15406/mojpb.2018.07.00242

https://www.ncbi.nlm.nih.gov/pubmed/29492586
https://www.ncbi.nlm.nih.gov/pubmed/29492586
https://www.ncbi.nlm.nih.gov/pubmed/29492586
https://www.ncbi.nlm.nih.gov/pubmed/29443899
https://www.ncbi.nlm.nih.gov/pubmed/29443899
https://www.ncbi.nlm.nih.gov/pubmed/29443899
https://www.ncbi.nlm.nih.gov/pubmed/29242851
https://www.ncbi.nlm.nih.gov/pubmed/29242851
https://www.ncbi.nlm.nih.gov/pubmed/29242851
https://www.ncbi.nlm.nih.gov/pubmed/29635077'
https://www.ncbi.nlm.nih.gov/pubmed/29635077'
https://www.ncbi.nlm.nih.gov/pubmed/29635077'
https://www.ncbi.nlm.nih.gov/pubmed/28905392
https://www.ncbi.nlm.nih.gov/pubmed/28905392
https://www.ncbi.nlm.nih.gov/pubmed/28905392
https://www.ncbi.nlm.nih.gov/pubmed/29140295
https://www.ncbi.nlm.nih.gov/pubmed/29140295
https://www.ncbi.nlm.nih.gov/pubmed/29140295
https://www.ncbi.nlm.nih.gov/pubmed/28823163
https://www.ncbi.nlm.nih.gov/pubmed/28823163
https://www.ncbi.nlm.nih.gov/pubmed/28823163
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC5248936/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC5248936/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC5248936/
https://www.ncbi.nlm.nih.gov/pubmed/28010140
https://www.ncbi.nlm.nih.gov/pubmed/28010140
https://www.ncbi.nlm.nih.gov/pubmed/26083907
https://www.ncbi.nlm.nih.gov/pubmed/26083907
https://www.ncbi.nlm.nih.gov/pubmed/26083907
https://www.ncbi.nlm.nih.gov/pubmed/28013562
https://www.ncbi.nlm.nih.gov/pubmed/28013562
https://www.ncbi.nlm.nih.gov/pubmed/28013562
https://www.ncbi.nlm.nih.gov/pubmed/27928935
https://www.ncbi.nlm.nih.gov/pubmed/27928935
https://www.ncbi.nlm.nih.gov/pubmed/27915054
https://www.ncbi.nlm.nih.gov/pubmed/27915054
https://www.ncbi.nlm.nih.gov/pubmed/27915054
https://www.ncbi.nlm.nih.gov/pubmed/27184886
https://www.ncbi.nlm.nih.gov/pubmed/27184886
https://www.ncbi.nlm.nih.gov/pubmed/27184886
https://www.ncbi.nlm.nih.gov/pubmed/27600001
https://www.ncbi.nlm.nih.gov/pubmed/27600001
https://www.ncbi.nlm.nih.gov/pubmed/27478071
https://www.ncbi.nlm.nih.gov/pubmed/27478071
https://www.ncbi.nlm.nih.gov/pubmed/27478071
https://www.ncbi.nlm.nih.gov/pubmed/27589083
https://www.ncbi.nlm.nih.gov/pubmed/27589083
https://www.ncbi.nlm.nih.gov/pubmed/27589083
https://www.ncbi.nlm.nih.gov/pubmed/27535140
https://www.ncbi.nlm.nih.gov/pubmed/27535140
https://www.ncbi.nlm.nih.gov/pubmed/27535140
https://www.ncbi.nlm.nih.gov/pubmed/27535140
https://www.ncbi.nlm.nih.gov/pubmed/27460096
https://www.ncbi.nlm.nih.gov/pubmed/27460096
https://www.ncbi.nlm.nih.gov/pubmed/27460096
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC5441238/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC5441238/
https://www.ncbi.nlm.nih.gov/pubmed/27377258
https://www.ncbi.nlm.nih.gov/pubmed/27377258
https://www.ncbi.nlm.nih.gov/pubmed/27377258
https://www.ncbi.nlm.nih.gov/pubmed/27095521
https://www.ncbi.nlm.nih.gov/pubmed/27095521
https://www.ncbi.nlm.nih.gov/pubmed/27095521
https://www.ncbi.nlm.nih.gov/pubmed/27095521
https://www.ncbi.nlm.nih.gov/pubmed/27095521
https://link.springer.com/article/10.1007/s11883-008-0033-z
https://link.springer.com/article/10.1007/s11883-008-0033-z
https://www.ncbi.nlm.nih.gov/pubmed/19361350
https://www.ncbi.nlm.nih.gov/pubmed/19361350
https://www.ncbi.nlm.nih.gov/pubmed/27040998
https://www.ncbi.nlm.nih.gov/pubmed/27040998
https://www.ncbi.nlm.nih.gov/pubmed/27040998
https://www.ncbi.nlm.nih.gov/pubmed/26948058
https://www.ncbi.nlm.nih.gov/pubmed/26948058
https://www.ncbi.nlm.nih.gov/pubmed/26883867
https://www.ncbi.nlm.nih.gov/pubmed/26883867
https://www.ncbi.nlm.nih.gov/pubmed/26883867
https://www.ncbi.nlm.nih.gov/pubmed/26826395
https://www.ncbi.nlm.nih.gov/pubmed/26826395
https://www.ncbi.nlm.nih.gov/pubmed/26826395
https://www.ncbi.nlm.nih.gov/pubmed/26790499
https://www.ncbi.nlm.nih.gov/pubmed/26790499
https://www.ncbi.nlm.nih.gov/pubmed/26790499
https://www.ncbi.nlm.nih.gov/pubmed/26611378
https://www.ncbi.nlm.nih.gov/pubmed/26611378
https://www.ncbi.nlm.nih.gov/pubmed/26598717
https://www.ncbi.nlm.nih.gov/pubmed/26598717
https://www.ncbi.nlm.nih.gov/pubmed/26598717
https://www.ncbi.nlm.nih.gov/pubmed/26403856
https://www.ncbi.nlm.nih.gov/pubmed/26403856
https://www.ncbi.nlm.nih.gov/pubmed/26403856
https://www.ncbi.nlm.nih.gov/pubmed/26046916
https://www.ncbi.nlm.nih.gov/pubmed/26046916
https://www.ncbi.nlm.nih.gov/pubmed/26046916
https://www.ncbi.nlm.nih.gov/pubmed/25868662
https://www.ncbi.nlm.nih.gov/pubmed/25868662
https://www.ncbi.nlm.nih.gov/pubmed/25868662
https://www.ncbi.nlm.nih.gov/pubmed/25835965
https://www.ncbi.nlm.nih.gov/pubmed/25835965
https://www.ncbi.nlm.nih.gov/pubmed/25835965
https://www.ncbi.nlm.nih.gov/pubmed/25835965
https://www.nature.com/articles/srep08198
https://www.nature.com/articles/srep08198
https://www.nature.com/articles/srep08198
https://www.ncbi.nlm.nih.gov/pubmed/27653279
https://www.ncbi.nlm.nih.gov/pubmed/27653279
https://www.ncbi.nlm.nih.gov/pubmed/27653279
https://www.ncbi.nlm.nih.gov/pubmed/25331112
https://www.ncbi.nlm.nih.gov/pubmed/25331112
https://www.ncbi.nlm.nih.gov/pubmed/25331112


Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape 
of thrombin‒activated human platelets

255
Copyright:

©2018 Gonzalez et al.

Citation: Gonzalez J, Babinska A, Ewul ELV, et al. Development of a label‒free nanolc/ms/ms assay for monitoring the changes in the proteomic landscape of 
thrombin‒activated human platelets. MOJ Proteomics Bioinform. 2018;7(4):232‒255. DOI: 10.15406/mojpb.2018.07.00242

44.	Zeiler M, Moser M, Mann M. Copy number analysis of the murine 
platelet proteome spanning the complete abundance range. Mol Cell 
Proteomics. 2014;13(12):3435‒3445.

45.	Dzieciatkowska M, D’ Alessandro A, Burke TA, et al. Proteomics of 
apheresis platelet supernatants during routine storage: Gender‒related 
differences. J Proteomics. 2015;112:190‒209.

46.	Klockenbusch C, Walsh GM, Brown LM, et al. Global proteome analysis 
identifies active immunoproteasome subunits in human platelets. Mol 
Cell Proteomics. 2014;13(12):3308‒3319.

47.	Alonso‒Orgaz S, Moreno‒Luna R, López JA, et al. Proteomic 
characterization of human coronary thrombus in patients with ST‒segment 
elevation acute myocardial infarction. J Proteomics. 2014;109:368‒381.

48.	Van Holten TC, Bleijerveld OB, Wijten P, et al. Quantitative proteomics 
analysis reveals similar release profiles following specific PAR‒1 or 
PAR‒4 stimulation of platelets. Cardiovasc Res. 2014;103(1):140‒146.

49.	Liu J, Li J, Deng X. Proteomic analysis of differential protein expression 
in platelets of septic patients. Mol Biol Rep. 2014;41(5):3179‒3185.

50.	Lee H, Chae S, Park J, et al. Comprehensive Proteome Profiling of Platelet 
Identified a Protein Profile Predictive of Responses to An Antiplatelet 
Agent Sarpogrelate. Mol Cell Proteomics. 2016;15(11):3461‒3472.

51.	Zufferey A, Schvartz D, Nolli S, et al. Characterization of the platelet 
granule proteome: evidence of the presence of MHC1 in alpha‒granules. 
J Proteomics. 2014;101:130‒140.

52.	Marcone S, Dervin F, Fitzgerald DJ. Proteomic signatures of antiplatelet 
drugs: new approaches to exploring drug effects. J Thromb Haemost. 
2015:323‒331.

53.	Liu Y, Yin H, Chen K. Platelet proteomics and its advanced application 
for research of blood stasis syndrome and activated blood circulation 
herbs of Chinese medicine. Sci China Life Sci. 2013;56(11):1000‒1006.

54.	Wright B, Stanley RG, Kaiser WJ, et al. The integration of proteomics 
and systems approaches to map regulatory mechanisms underpinning 
platelet function. Proteomics Clin Appl. 2013;7(1‒2):144‒154.

55.	Di Michele M, Van Geet C, Freson K. Proteomics to unravel platelet‒
related diseases and identify novel anti‒platelet drugs. Curr Med Chem. 
2012;19(27):4662‒4670.

56.	Parguiña AF, Rosa I, García A. Proteomics applied to the study of platelet‒
related diseases: aiding the discovery of novel platelet biomarkers and 
drug targets. J Proteomics. 2012;76:275‒286.

57.	Zufferey A, Fontana P, Reny JL, et al. Platelet proteomics. Mass Spectrom 
Rev. 2012;31(2):331‒351.

58.	Kulkarni S, Kannan M, Atreya CD. Omic approaches to quality 
biomarkers for stored platelets: are we there yet? Transfus Med Rev. 
2010;24(3):211‒217.

59.	Clement CC, Wang W, Dzieciatkowska M, et al. Quantitative Profiling of 
the Lymph Node Clearance Capacity. Sci Rep. 2018;8(1):11253.

60.	Clement CC, Becerra A, Yin L, et al. The Dendritic Cell Major 
Histocompatibility Complex II (MHC II) Peptidome Derives from a Variety 
of Processing Pathways and Includes Peptides with a Broad Spectrum of 
HLA‒DM Sensitivity. J Biol Chem. 2016;291(11):5576‒5595.

61.	Clement CC, Aphkhazava D, Nieves E, et al. Protein expression profiles 
of human lymph and plasma mapped by 2D‒DIGE and 1D SDS‒
PAGE coupled with nano LC‒ESI‒MS/MS bottom‒up proteomics. J 
Proteomics. 2013;78:172‒187.

https://doi.org/10.15406/mojpb.2018.07.00242

https://www.ncbi.nlm.nih.gov/pubmed/25205226
https://www.ncbi.nlm.nih.gov/pubmed/25205226
https://www.ncbi.nlm.nih.gov/pubmed/25205226
https://www.ncbi.nlm.nih.gov/pubmed/25201077
https://www.ncbi.nlm.nih.gov/pubmed/25201077
https://www.ncbi.nlm.nih.gov/pubmed/25201077
https://www.ncbi.nlm.nih.gov/pubmed/25146974
https://www.ncbi.nlm.nih.gov/pubmed/25146974
https://www.ncbi.nlm.nih.gov/pubmed/25146974
https://www.ncbi.nlm.nih.gov/pubmed/25065646
https://www.ncbi.nlm.nih.gov/pubmed/25065646
https://www.ncbi.nlm.nih.gov/pubmed/25065646
https://www.ncbi.nlm.nih.gov/pubmed/24776597
https://www.ncbi.nlm.nih.gov/pubmed/24776597
https://www.ncbi.nlm.nih.gov/pubmed/24776597
https://www.ncbi.nlm.nih.gov/pubmed/24562620
https://www.ncbi.nlm.nih.gov/pubmed/24562620
https://www.ncbi.nlm.nih.gov/pubmed/27601597
https://www.ncbi.nlm.nih.gov/pubmed/27601597
https://www.ncbi.nlm.nih.gov/pubmed/27601597
https://www.ncbi.nlm.nih.gov/pubmed/24549006
https://www.ncbi.nlm.nih.gov/pubmed/24549006
https://www.ncbi.nlm.nih.gov/pubmed/24549006
https://www.ncbi.nlm.nih.gov/pubmed/26149042
https://www.ncbi.nlm.nih.gov/pubmed/26149042
https://www.ncbi.nlm.nih.gov/pubmed/26149042
https://www.ncbi.nlm.nih.gov/pubmed/24114444;
https://www.ncbi.nlm.nih.gov/pubmed/24114444;
https://www.ncbi.nlm.nih.gov/pubmed/24114444;
https://www.ncbi.nlm.nih.gov/pubmed/23184887
https://www.ncbi.nlm.nih.gov/pubmed/23184887
https://www.ncbi.nlm.nih.gov/pubmed/23184887
https://www.ncbi.nlm.nih.gov/pubmed/22830337
https://www.ncbi.nlm.nih.gov/pubmed/22830337
https://www.ncbi.nlm.nih.gov/pubmed/22830337
https://www.ncbi.nlm.nih.gov/pubmed/22579745
https://www.ncbi.nlm.nih.gov/pubmed/22579745
https://www.ncbi.nlm.nih.gov/pubmed/22579745
https://www.sciencedirect.com/science/article/pii/S0887796310000234
https://www.sciencedirect.com/science/article/pii/S0887796310000234
https://www.sciencedirect.com/science/article/pii/S0887796310000234
https://www.nature.com/articles/s41598-018-29614-0
https://www.nature.com/articles/s41598-018-29614-0
https://www.ncbi.nlm.nih.gov/pubmed/26740625
https://www.ncbi.nlm.nih.gov/pubmed/26740625
https://www.ncbi.nlm.nih.gov/pubmed/26740625
https://www.ncbi.nlm.nih.gov/pubmed/26740625
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC3631612/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC3631612/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC3631612/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC3631612/

	Title
	Abstract
	Keywords
	Introduction
	Materials and methods 
	Human subjects and blood collection 

	Materials
	Reagents

	Methods
	Platelets purification and ex‒vivo activation with thrombin for proteomic analysis
	Platelets lysis and proteins extraction 
	Sample preparation for mass spectrometry 
	Nano LC-ESI-MS/MS analysis of tryptic/Glu‒C/Lys‒C peptides digests 

	Bioinformatics analysis of “resting” and “thrombin‒activated platelets” proteomics 
	Peptide identification and validation  
	Criteria for protein identification in proteome software

	Label‒free relative peptide quantification (LFQ)
	Label‒free quantitative (LFQ) methods (precursor intensity (MS1) and spectral counts (MS2)) were use
	Gene ontology (GO), molecular and cellular pathways enrichment and systems biology analysis of plate

	Results and discussion 
	Development of a workflow for implementing the label‒free pharmacoproteomics assay designed to monit
	Nano LC/MS/MS analysis of tryptic peptides derived from the whole proteomic analysis of “resting” an
	Label‒free qualitative and quantitative analysis of protein identification for the proteomes from “r
	evelopment of an integrative bioinformatics and systems biology method to qualitatively and quantita

	Conclusion
	Acknowledgements
	Conflict of Interest 
	References
	Figure 1
	Figure 2
	Figure 3
	Figure 4
	Figure 5 
	Figure 6 
	Figure 8
	Figure 9 
	Figure 10
	Figure 11
	Figure 12 
	Figure 13
	Figure 14 
	Figure 18
	Figure 20
	Figure 21
	Table 1
	Table 2
	Supplementary Table 1
	Supplementary Table 2
	Supplementary Table 3
	Supplementary Table 4

